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ABSTRACT 

The use of Knowledge Management Systems (KMS) and Artificial Intelligence (AI) remains limited in 

developing countries. These technologies can help organizations understand their Business Intelligence (BI) 

and Marketing Capability (MC), but few studies have explored this area. The present research examines 

the relationship between KMS and Business Intelligence Capability (BIC) across companies in the Gulf 

Cooperation Council (GCC), highlighting the role of AI in enhancing the marketing skills. Using a 

quantitative approach, data were gathered from top management via a structured questionnaire. The 

study breaks down KMS into three key components: Knowledge Acquisition (KA), Knowledge Sharing 

(KS), and Knowledge Application (KAP), examining how each affects BIC. The results show that all three 

processes have a positive impact on BIC. Additionally, AI serves as a moderator between the KA, 

application, and BICs, which also positively influence MC. This research offers valuable insights into how 

KMS and AI can be combined to enhance BI, providing helpful guidance for practitioners and researchers. 

Keywords-business capability; marketing capability; knowledge acquisition; GCC  

I. INTRODUCTION  

The dynamic and constantly evolving business environment 
requires regional companies to make accurate and quick 
decisions to ensure their survival and competitiveness [1]. MC 
and BI are vital for companies to understand the market and 
changing customer trends. Following the COVID-19 pandemic, 
customers shifted to online platforms, and their preferences can 
offer valuable insights into their needs. However, due to the 
large volume of customer data, BI becomes necessary. One of 
the key tools in marketing is BI. Marketers gather, analyze, and 
interpret data for decision-making using various technologies. 
Businesses use BI to identify patterns, gain insights, and make 
strategic, informed choices [2]. A company's ability to manage 
the customer knowledge and its use of AI can significantly 
impact its marketing and BIC [3]. This is because theories, 
such as the Knowledge-Based View (KBV) suggest that 
organizations can leverage the internal knowledge to gain a 
competitive advantage. Likewise, the Resource-Based View 
(RBV) indicates that utilizing an organization's resources and 
capabilities, such as investing in AI, is crucial for strengthening 
its competitive position and improving the organizational 
outcomes [4, 5].  

An effective KMS helps keep the customer knowledge 
current, which is vital for the modern businesses requiring such 
systems [6]. As technology and data become increasingly 
complex, these systems enable companies to utilize 
information for making informed, strategic decisions [7]. The 
GCC, consisting of Bahrain, Kuwait, Oman, Qatar, Saudi 
Arabia, and the United Arab Emirates (UAE), covers various 
sectors including oil, gas, and financial services, and faces 
challenges in its digital transformation journey. When 
combined with AI, KMS offers tools for harnessing data, 
enhancing decision-making, and augmenting the MC [8]. KMS 
allows organizations to efficiently acquire, organize, and share 
information [9]. By utilizing KMS, companies can more 
effectively leverage their skills, data, and knowledge to 
innovate, remain competitive, and enhance productivity [10]. 
GCC companies must adopt advanced BI to adapt to 
competitive markets and shifting conditions. Several GCC 
countries have launched national visions, such as the UAE's 
Vision 2031, Saudi Arabia's Vision 2030, and Bahrain's Vision 
2030, all of which aim to increase digitalization and transform 
their economies from oil-based to knowledge-based. Regional 
companies face pressure to adopt new technologies and support 
these national visions. The ability to make data-driven 
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decisions can drive development and sustainability [11], 
ultimately enhancing the marketing skills by recognizing trends 
and meeting evolving customer needs. Industries like oil, gas, 
technology, and banking flourish in the GCC. KMS and AI 
play crucial roles in helping GCC economies diversify and 
digitize. To innovate and remain competitive, organizations 
must understand how these platforms influence BIC [12]. The 
integration of KMS and AI can help firms improve their BI 
and, consequently, their marketing skills. AI speeds up the data 
management and analytics, enabling KMS to leverage machine 
learning, data processing, predictive analytics, and data 
interpretation [13]. AI can enhance KMS by providing deeper 
insights, increasing accuracy, and enabling faster decision-
making [14].  

Despite the growing use of AI and KMS in business 
environments, few studies have examined their combined 
effects, especially in GCC and other developing countries. 
GCC nations have launched digital transformation initiatives 
and need to adopt technology effectively to manage this shift. 
This research examines the impact of KMS on BIC in GCC 
firms and how BI influences MC, with a focus on the 
moderating role of AI. It examines how KMS components 
(KA, KS, and KAP) impact BIC, enabling firms to optimize 
their knowledge management. It also examines how AI 
amplifies these benefits. The study aims to guide professionals 
and scholars in integrating KMS with AI to strengthen BIC and 
contribute to the GCC digital transformation efforts. 

II. LITERATURE REVIEW 

A. Theoretical Framework   

This study examines the impact of KMS on BIC. The KBV 
provides a framework for understanding this relationship, 
highlighting the strategic importance of knowledge. It suggests 
that organizations that leverage their knowledge effectively can 
gain a competitive edge and boost the organizational 
performance [15]. KMS involves processes that help 
organizations maximize their intellectual capital and 
performance by gathering accurate knowledge and sharing it 
among members. It also includes applying this knowledge to 
inform decision-making. Proper management of organizational 
knowledge can lead to better outcomes, such as enhanced BIC. 
KMS enhances the corporate intelligence by acquiring, sharing, 
and utilizing knowledge [16]. Linking KMS with the BI 
objectives supports improved strategic decision-making and 
performance [17]. 

The KBV is derived from the RBV, which posits that 
organizations can leverage their resources and capabilities to 
enhance performance. AI capabilities are organizational 
resources that require significant investment in infrastructure 
development and maintenance to be used effectively. The RBV 
complements the KBV by highlighting valuable, scarce, 
distinctive, and non-substitutable resources as key to gaining a 
competitive advantage [18, 19]. It views KMS as a valuable 
resource that can help organizations gain a competitive 
advantage. A KMS improves BI, enabling companies to gain 
insights and make informed decisions to stay competitive [20]. 
As noted in [21], the RBV architecture requires firms to 
possess unique and well-managed knowledge resources to 

compete successfully. Both KMS and AI can streamline the BI 
processes and leverage knowledge assets to create a 
competitive edge. 

B. Conceptual Framework  

This study investigates the relationships between KMS, BI, 
and AI. It employs KBV and RBV theories to analyze how 
KMS and AI influence BIC. KMS, encompassing KA, KS, and 
KAP, is anticipated to have a positive effect on BIC. 
Additionally, AI is expected to moderate the relationship 
between KMS and BIC. The conceptual framework for this 
research is depicted in Figure 1.  

 

 

Fig. 1.  Conceptual framework of the study. 

1) Knowledge Acquisition and Business Intelligence 

Acquiring knowledge involves systematically gathering 
relevant information from multiple sources [22]. To stay up-to-
date, complete, and pertinent, organizations must gather 
expertise from both internal and external sources [23]. 
Effective KA helps firms stay informed and supports data-
driven business decisions. Research indicates that KA has a 
significant impact on outcomes, including competitiveness, 
business performance, and innovation [24]. It also provides 
companies with timely BI data. The KBV emphasizes the 
importance of learning key information to enhance BIC and 
improve performance [25]. Consequently, this study suggests 
that KA plays a crucial role in influencing BI. Therefore, the 
following hypothesis is proposed:  

H1: KA has a positive impact on BIC.  

2) Knowledge Sharing and Business Intelligence Capability  

Organizational KS involves exchanging information and is 
vital for teamwork and critical thinking [26]. Employees 
communicate ideas and best practices through collaborative 
platforms, social networks, and official repositories [27]. This 
process enhances the corporate intelligence, decision-making, 
and innovation. Effective sharing enables staff to communicate 
ideas and expertise more efficiently [28], resulting in better 
decisions and enhanced BI. By sharing knowledge, 
organizations can harness collective intelligence and best 
practices to generate accurate, actionable insights. Prior 
research indicates that collaborative KS can improve the 
organizational performance and competitive advantage [29]. 
This study predicts that KS will have a significant and positive 
impact on BIC. The following hypothesis is proposed:  

H2: KS has a positive impact on BIC.  
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3) Knowledge Application and Business Intelligence 

Capability 

Applying learned and shared information improves the 
organizational processes and decision-making [30]. This 
component involves translating information into practical 
insights for strategic and operational decisions. Effective KAP 
helps firms enhance BI by enabling informed decisions with 
complete and relevant data [31]. Sharing and applying 
knowledge enable organizations to transform information into 
action, informing their strategic and operational decisions. 
Proper data use in decision-making boosts the corporate 
intelligence [32]. This hypothesis supports the KBV, which 
emphasizes that organizations leverage their knowledge to gain 
a competitive advantage and improve the outcomes. 

H3: KAP has a positive effect on BIC.  

4) Business Intelligence Capability and Marketing Capability  

Companies utilize advanced analytics to identify the market 
trends, customer preferences, and competitive dynamics. This 
data-driven approach allows marketers to plan and implement 
initiatives that enhance the customer engagement and grow the 
market share. By increasing targeting and personalization, BI 
technologies have improved the effectiveness of marketing 
campaigns by 20% [33]. Authors in [34] indicated that GCC 
companies employing BI for market segmentation saw better 
customer acquisition and retention. BI aids in uncovering the 
consumer interactions, comments, and buying behaviors, 
strengthening CRM. These data enable companies to tailor 
customer experiences, forecast needs, and resolve issues 
efficiently, thereby boosting loyalty and satisfaction. A strong 
CRM, combined with BI, can differentiate a company and 
provide sustained value in competitive GCC markets. Authors 
in [35] revealed that CRM firms using BI increased the 
customer lifetime value and repeat purchases. BI analytics 
enhanced the marketing efficiency by 25%, resulting in higher 
profits. Predictive BI tools improved the strategic alignment 
and market agility [36]. Overall, BIC is poised to have a 
positive impact on the marketing performance.  

H4: BIC has a positive effect on MC.  

5) AI as a Moderator 

AI enhances KMS by utilizing data analysis, automation, 
and predictive modeling. It automates the gathering and 
processing of knowledge management data [37], making the 
system more streamlined and reducing the need for human 
intervention, allowing organizations to concentrate on the 
strategic decisions [38]. Advanced analytics utilize AI to detect 
patterns and project outcomes from large datasets [39], yielding 
more precise and comprehensive analyses that enhance BI by 
facilitating an increased knowledge collection and utilization 
[40]. Additionally, AI can forecast future events based on 
historical data, enabling organizations to anticipate the market 
changes and make proactive, informed decisions. Automating 
data handling, predictive insights, and advanced analytics with 
AI improves KA [41]. The use of AI in KMS enhances BI by 
raising the organizational efficiency and expanding KA and by 
enhancing the information quality and relevance, which 

strengthens the link between knowledge gathering and BIC 
[42]. It is, consequently, hypothesized that:  

H5: AI moderates how KA influences BIC.  

The current study examines the impact of AI on KS and BI. 
KMS and AI-driven chatbots improve communication, 
encouraging knowledge exchange and insights within the 
company through staff collaboration [43]. AI boosts the 
efficiency and effectiveness of sharing knowledge, which 
benefits BI [44]. The research suggests that AI could influence 
how KS affects BIC. 

H6: AI moderates the impact of KS on BIC.  

AI can enhance KAP by leveraging advanced analytics and 
providing relevant insights [20]. It can help organizations 
develop predictive models from complex data, improving the 
decision-making processes [45]. More precise and actionable 
insights from AI can boost both KAP and BI. This research 
proposes the following: 

H7: AI moderates the effect of KAP on BIC.  

III. RESEARCH METHODOLOGY  

This quantitative study was carried out across GCC 
countries, targeting all companies operating within the region. 
Since not all companies utilize AI or BI, purposive sampling 
was used to focus on a specific group. The study concentrated 
on senior management executives, who, due to their strategic 
oversight and decision-making roles, provided crucial insights 
into how KMS and AI influence BIC and marketing 
effectiveness. Executives from finance, healthcare, 
manufacturing, and technology sectors were deliberately 
chosen to ensure a diverse representation across GCC 
industries. This approach aimed to produce broadly applicable 
and comprehensive results. The study examines how KMS 
affects BIC and investigates the moderating role of AI in this 
relationship. It tests hypotheses and explores the links between 
variables within the conceptual framework through systematic 
data collection and analysis. Data were collected using a 
standardized questionnaire. Items measuring KMS variables 
were based on [46], covering KA, KS, and KAP. The 
questionnaire also assessed the moderating effects of BI and AI 
using measurement scales from [43, 47], respectively. MCs 
were adopted from [48, 49]. 

A thorough literature review confirmed the validity and 
reliability of the questionnaire. It was carefully designed to 
align with previous studies. Back-translation was performed to 
ensure that the respondents understood the questions 
accurately. To further improve clarity, a panel of experts 
reviewed and validated the measurement items in both Arabic 
and English, providing valuable feedback that was 
incorporated. Subsequently, top executives participated in a 
pilot study, offering comments to refine the questionnaire's 
clarity and accuracy. These insights led to modifications before 
the instrument was finalized. The data were collected via an 
online, email-delivered questionnaire sent to 400 top 
executives, with 166 responses received. A cover letter 
explaining the study's purpose and emphasizing the importance 
of participation was sent to non-respondents, resulting in seven 
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additional responses, for a total of 173. Among these, 12 
responses had missing values and 11 contained outliers, leaving 
150 valid responses for analysis. The data demonstrated normal 
distribution, as shown in Table III, with no multicollinearity 
issues.   

IV. FINDINGS  

A. Description of Respondents and Variables  

Responses were collected from 150 top management 
executives across various industries in the GCC during the 
data-gathering phase. The participants were categorized into 
the following sectors: technology (30%), finance (25%), 
healthcare (20%), manufacturing (15%), and other sectors 
(10%). The gender split was 73% male and 27% female. 
Regarding experience, 45% of the participants had over 15 
years of professional experience, 30% had between 10 and 15 
years, and 25% had less than 10 years. Furthermore, 70% held 
postgraduate degrees, while 30% had undergraduate degrees. 
These demographics offer a wide range of perspectives on the 
use and impact of KMS and AI. Table I displays the profiles of 
the respondents.  

TABLE I.  PROFILE OF RESPONDENTS 

Variable Label Count Percentage 

Industry 

Technology 45 30% 

Finance 38 25% 

Healthcare 30 20% 

Manufacturing 23 15% 

Other sectors 14 10% 

Gender 
Male 110 73% 

Female 40 27% 

Experience 

> 15 years 68 45% 

10-15 years 45 30% 

< 10 years 37 25% 

Education 
Postgraduate 105 70% 

Undergraduate 45 30% 

 

B. Descriptive Statistics 

This study evaluated the levels of the variables based on 
their mean scores and standard deviations. The variable levels 
are moderate, ranging from 2.91 (AI) to 3.22 (KS). These 
statistics suggest that the perceived effectiveness is generally 
moderate across all variables, with particularly high ratings for 
KS and KAP.  Table II presents descriptive information for the 
variables, including their items, kurtosis, and skewness to 
assess normality, as well as the Variance Inflation Factor (VIF) 
to measure multicollinearity.  

TABLE II.  DESCRIPTIVE INFORMATION OF VARIABLES  

Variable Mean Std. Kurtosis Skewness VIF 

KA 3.21 0.49 0.4 -0.24 2.08 

KS 3.22 0.78 0.4 -0.2 2.06 

KAP 3.19 0.49 0.36 -0.26 2.09 

AI 2.91 0.58 0.4 -0.33 2.13 

BIC 2.94 0.71 0.41 -0.34 2.11 

MC 2.92 0.71 0.39 -0.32 2.12 

 

C. Structural Equation Modeling  Assessment  

Following the recommendations of [50], the measurement 
model was evaluated by assessing the factor loadings, 
reliability, and validity metrics. All criteria were satisfactorily 
met: the factor loadings for all items exceeded the threshold of 
0.70, while both the Cronbach’s Alpha (CA) and Composite 
Reliability (CR) values were above 0.70, indicating adequate 
internal consistency. Additionally, the Average Variance 
Extracted (AVE) values were above 0.50, confirming the 
convergent validity. The discriminant validity was assessed 
using the Heterotrait-Monotrait ratio of correlations (HTMT). 
All HTMT values were below the proposed threshold of 0.85, 
indicating adequate discriminant validity. The detailed results 
of the measurement model assessment are presented in Table 
III. 

TABLE III.  MEASUREMENT MODEL 

Variable  CA CR AVE 1 2 3 4 5 6 

KA  0.84 0.85 0.61 -      

KS  0.78 0.80 0.58 0.55      

KAP  0.83 0.84 0.62 0.51 0.63     

AI  0.77 0.79 0.57 0.49 0.51 0.44    

BIC  0.83 0.86 0.61 0.44 0.31 0.64 0.47   

MC  0.89 0.91 0.69 0.32 0.39 0.40 0.45 0.44 - 

 
The structural model was evaluated and found to explain 

0.663% of the variation in BIC and 0.395% of the variation in 
MC. All effect sizes were above 0.02, except for the 
moderating effect of AI on the link between KS and BIC. 
Figure 2 illustrates the structural model. The study indicates 
that KA enhances BIC (β = 0.431, p < 0.05), supporting the 
idea that acquiring knowledge boosts BI. BI systems develop 
as organizations acquire and apply relevant knowledge. This 
indicates that KA improves BIC. Additionally, KS significantly 
increases BIC, supporting Hypothesis 2 (β = 0.207, p < 0.05). 
Effective KS, which promotes information exchange and 
collaborative decision-making, is key to improving BIC. 
Hypothesis 3 suggests that KAP enhances BIC, which is 
confirmed by its positive effect on BIC (β = 0.405, p < 0.01). 
These results highlight that applying knowledge improves BIC, 
emphasizing its practical value. H4 is supported, as BIC's 
impact on MC is positive, with a coefficient of 0.629 and p < 
0.05. Table IV presents the results of hypothesis testing, 
including both the direct and moderating effects.  

TABLE IV.  RESULTS OF HYPOTHESES 

H  Path β T P-value 

H1 KA BIC  0.431 4.312 0.000 

H2 KSBIC  0.207 3.091 0.031 

H3 KAPBIC  0.405 4.912 0.000 

H4 BICMC  0.629 6.212 0.000 

H5 KA*AIBIC 0.151 2.009 0.044 

H6 KS*AIBIC  0.033 0.925 0.594 

H7 KAP*AIBIC  0.146 2.529 0.017 
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Fig. 2.  Structural model.

V. IMPLICATIONS  

This study offers several new insights that deepen both the 
theoretical and practical understanding of the knowledge 
management and digital capabilities. Unlike prior research that 
often studied KMS and AI separately, this study is among the 
first to examine how AI moderates the relationship between the 
KMS components (KA, KS, KAP) and BIC in the unique 
context of the GCC. This regional focus provides empirical 
depth to an area that has been largely underexplored in the 
literature. Additionally, the finding that AI significantly 
enhances the effects of KA and KAP but not KS on BIC 
provides a nuanced perspective that challenges the studies 
claiming that AI has a uniform impact. This selective 
moderation highlights the importance of tailoring the AI 
strategies to specific knowledge processes. Finally, by 
empirically linking BIC to MC, the study introduces new 
theoretical extensions to the RBV and KBV, demonstrating 
how the internal resources and knowledge processes, when 
supported by AI, can lead to improved market performance. 

This research expands the KBV by demonstrating that 
specific KMS components enhance BIC. The KBV emphasizes 
that effective knowledge management is crucial to 
competitiveness and organizational performance. This study 
indicates that acquiring and applying knowledge boosts BI. It 
emphasizes the significance of KMS components in using 
organizational knowledge for strategic insights and better 
decision-making. It also supports the idea that resources and 
capabilities, like BIC can enhance MC. Additionally, this 
research explores how the AI and KMS components influence 
the BI outputs. AI's moderating effects on KA, BICs, KAP, and 

BIC underline its importance in strengthening these KMS 
components. This study contributes to the RBV knowledge by 
demonstrating how AI can enhance the knowledge 
management. The role of AI in moderating the connection 
between KS and BI skills suggests that while AI enhances KAs 
and KAP, its impact on KS may be less pronounced. Further 
research is needed to optimize the AI integration during the KS 
process.  

The study's results highlight how companies can integrate 
KMS with AI to enhance BI. Organizations should start by 
upgrading every KMS component. Strong BI systems require 
efficient KA to access relevant and timely data. Investing in 
effective knowledge collection and integration solutions can 
improve BIC. KS is essential, and organizations should foster 
teamwork and information sharing. AI solutions, such as 
collaborative platforms and KMS, can enhance KS by 
improving the communication and information flow. These 
technologies can strengthen the strategic thinking and decision-
making. Organizations should use shared information to guide 
strategic and operational decisions. AI-driven analytics and 
predictive modeling can deepen insights and forecast trends, 
which enhances KAP and provides a competitive edge. The 
research indicates that AI is essential to KMS. AI's robust 
analytical skills and fast information exchange can increase 
KAs and KAP. Businesses should invest in AI technologies to 
enhance their KMS and BIC. However, AI's limited impact on 
KS suggests that other methods may be necessary, possibly 
involving better data collection or knowledge integration 
technologies. The study indicates that the GCC would be 
benefited from strategic investments in the KMS and AI 
technologies. Combining technological advances with a 
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supportive knowledge management culture can enhance the 
knowledge utilization and BI. The ongoing evaluation of AI's 
impact on the knowledge management processes remains 
essential. To maximize the benefits of KMS investments, 
companies must be flexible and open to adopting new 
technologies.  

VI. CONCLUSION  

This study examines the impact of Knowledge 
Management Systems (KMS) on Business Intelligence 
Capability (BIC), with a focus on the moderating the role of 
Artificial Intelligence (AI). It demonstrates that acquiring, 
sharing, and applying knowledge enhances Business 
Intelligence (BI) and Marketing Capability (MC). These results 
support the Knowledge-Based View (KBV), which argues that 
managing the knowledge resources enhances the organizational 
BI. The paper also explains how AI can improve KA and use, 
aligning with the Resource-Based View (RBV) by increasing 
the value of KMS. However, the findings suggest that AI does 
not significantly impact the relationship between KS and BIC, 
indicating a need for further research on the role of AI in this 
area. The insights can help organizations leverage KMS and AI 
to enhance BI, offering both theoretical and practical benefits. 
Nonetheless, the study has limitations, such as its focus on 
GCC countries, which may limit its relevance to other regions, 
and its reliance on self-reported data from top leaders, which 
could introduce bias. Its cross-sectional design misses the 
change over time and the dynamics of integrating KMS and AI. 
The study emphasizes the KMS components and AI's 
moderating role but does not consider organizational culture or 
industry-specific factors, which could further clarify BIC. 
Addressing these limitations in future research, such as 
exploring different countries, industries, and employing 
longitudinal methods, could make the findings more applicable. 
Additionally, examining moderating and mediating factors, 
such as organizational culture, leadership styles, and industry 
challenges, would deepen the understanding of how KMS and 
AI influence BI. Investigating advanced AI technologies, such 
as machine learning and natural language processing, could 
also reveal how these tools enhance the knowledge 
management processes. Future research can build on these 
findings to help organizations, researchers, and practitioners 
effectively leverage KMS and AI to strengthen BIC.  

REFERENCES  

[1] H. Huang, "Technology-Driven Financial Risk Management: Exploring 
the Benefits of Machine Learning for Non-Profit Organizations," 
Systems, vol. 12, no. 10, Oct. 2024, Art. no. 416, 
https://doi.org/10.3390/systems12100416. 

[2] A. A. Magableh, A. Y. Audeh, L. L. Ghraibeh, M. Akour, and A. S. 
Albahri, "Sustainability and Information Systems in the Context of 
Smart Business: A Systematic Review," Systems, vol. 12, no. 10, Oct. 
2024, Art. no. 427, https://doi.org/10.3390/systems12100427. 

[3] M. Madanchian, "The Impact of Artificial Intelligence Marketing on E-
Commerce Sales," Systems, vol. 12, no. 10, p. 429, Oct. 2024, 
https://doi.org/10.3390/systems12100429. 

[4] A. M. Sánchez-Sánchez, J. D. Mello-Román, M. Segura, and A. 
Hernández, "Identifying the Determinants of Academic Success: A 
Machine Learning Approach in Spanish Higher Education," Systems, 
vol. 12, no. 10, Oct. 2024, Art. no. 425, 
https://doi.org/10.3390/systems12100425. 

[5] J. Zhang, Z. Cao, X. Zhou, J. Liu, and H. Jia, "The Influencing 
Mechanism of Robustness of Emergency Medical Logistics: Mediating 
Role of Knowledge Integration," Systems, vol. 12, no. 10, Oct. 2024, 
Art. no. 424, https://doi.org/10.3390/systems12100424. 

[6] S. Alaaraj, "Knowledge management capability, trust, and performance 
of manufacturing companies in emerging economies," International 

Journal of Management and Applied Science, vol. 4, no. 9, pp. 20–28, 
Sep. 2018. 

[7] N. Nezafati, S. Razaghi, H. Moradi, S. Shokouhyar, and S. Jafari, 
"Promoting knowledge sharing performance in a knowledge 
management system: do knowledge workers’ behavior patterns matter?," 
VINE Journal of Information and Knowledge Management Systems, vol. 
53, no. 4, pp. 637–662, July 2021, https://doi.org/10.1108/VJIKMS-11-
2020-0202. 

[8] S. Reyad and A. Madbouly, "HOW the Innovation Performance in GCC 
HEIs is Affected by the Knowledge Management in the Era of 
Knowledge Economy," in Artificial Intelligence for Sustainable Finance 

and Sustainable Technology, Cham, 2022, pp. 469–479, 
https://doi.org/10.1007/978-3-030-93464-4_46. 

[9] A. Yeboah, "Knowledge sharing in organization: A systematic review," 
Cogent Business & Management, vol. 10, no. 1, Dec. 2023, Art. no. 
2195027, https://doi.org/10.1080/23311975.2023.2195027. 

[10] J.-C. Spender, "Making knowledge the basis of a dynamic theory of the 
firm," Strategic Management Journal, vol. 17, no. S2, pp. 45–62, 1996, 
https://doi.org/10.1002/smj.4250171106. 

[11] M. M. Rajaeian, A. Cater-Steel, and M. Lane, "A systematic literature 
review and critical assessment of model-driven decision support for IT 
outsourcing," Decision Support Systems, vol. 102, pp. 42–56, Oct. 2017, 
https://doi.org/10.1016/j.dss.2017.07.002. 

[12] P. Panda and P. Singh, "Resilient and agile employees’ pursuit of 
innovative performance and well-being: the role of job crafting," Global 

Knowledge, Memory and Communication, Apr. 2024, 
https://doi.org/10.1108/GKMC-11-2023-0450. 

[13] F. Shirazi, N. Hajli, J. Sims, and F. Lemke, "The role of social factors in 
purchase journey in the social commerce era," Technological 

Forecasting and Social Change, vol. 183, Oct. 2022, Art. no. 121861, 
https://doi.org/10.1016/j.techfore.2022.121861. 

[14] P. De Vincentiis, F. Culasso, and S. A. Cerrato, Eds., The Future of Risk 

Management, Volume I: Perspectives on Law, Healthcare, and the 

Environment. Cham: Springer International Publishing, 2019. 

[15] R. M. Grant, "Toward a knowledge-based theory of the firm," Strategic 

Management Journal, vol. 17, no. S2, pp. 109–122, 1996, 
https://doi.org/10.1002/smj.4250171110. 

[16] M. Anshari, M. Syafrudin, A. Tan, N. L. Fitriyani, and Y. Alas, 
"Optimisation of Knowledge Management (KM) with Machine Learning 
(ML) Enabled," Information, vol. 14, no. 1, Jan. 2023, Art. no. 35, 
https://doi.org/10.3390/info14010035. 

[17] J. O. Ogala, S. Ahmad, I. Shakeel, J. Ahmad, and S. Mehfuz, 
"Strengthening KMS Security with Advanced Cryptography, Machine 
Learning, Deep Learning, and IoT Technologies," SN Computer Science, 
vol. 4, no. 5, July 2023, Art. no. 530, https://doi.org/10.1007/s42979-
023-02073-9. 

[18] J. Barney, "Firm Resources and Sustained Competitive Advantage," 
Journal of Management, vol. 17, no. 1, pp. 99–120, Mar. 1991, 
https://doi.org/10.1177/014920639101700108. 

[19] J. B. Barney, "Resource-based theories of competitive advantage: A ten-
year retrospective on the resource-based view," Journal of Management, 
vol. 27, no. 6, pp. 643–650, Nov. 2001, https://doi.org/10.1016/S0149-
2063(01)00115-5. 

[20] S. Krakowski, J. Luger, and S. Raisch, "Artificial intelligence and the 
changing sources of competitive advantage," Strategic Management 

Journal, vol. 44, no. 6, pp. 1425–1452, 2023, 
https://doi.org/10.1002/smj.3387. 

[21] A. Alzghoul, A. A. Khaddam, F. Abousweilem, H. J. Irtaimeh, and Q. 
Alshaar, "How business intelligence capability impacts decision-making 
speed, comprehensiveness, and firm performance," Information 

Development, vol. 40, no. 2, pp. 220–233, June 2024, 
https://doi.org/10.1177/02666669221108438. 



Engineering, Technology & Applied Science Research Vol. 15, No. 5, 2025, 27069-27075 27075  
 

www.etasr.com Alarefi: AI-Powered Knowledge Ecosystems: How Knowledge Management Systems Drive Business … 

 

[22] Y. Yang and A. Kankanhalli, "The impact of social media marketing on 
online small business performance," Proceedings of the Pacific Asia 

Conference on Information Systems (PACIS 2014), Chengdu, China, Art. 
no. 63, Jun. 2014. 

[23] E. P. Piening and T. O. Salge, "Understanding the Antecedents, 
Contingencies, and Performance Implications of Process Innovation: A 
Dynamic Capabilities Perspective," Journal of Product Innovation 

Management, vol. 32, no. 1, pp. 80–97, Jan. 2015, 
https://doi.org/10.1111/jpim.12225. 

[24] N. Shaheen, S. Al-Haddad, A. Marei, and L. Daoud, "The effect of 
creativity on entrepreneurial behavior: The moderating role of 
demographics," Information Sciences Letters, vol. 12, no. 3, pp. 1365–
1372, Mar. 2023, http://dx.doi.org/10.18576/isl/120326. 

[25] B. Ebersberger, F. Galia, K. Laursen, and A. Salter, "Inbound Open 
Innovation and Innovation Performance: A Robustness Study," Research 

Policy, vol. 50, no. 7, Sept. 2021, Art. no. 104271, 
https://doi.org/10.1016/j.respol.2021.104271. 

[26] T. Ravichandran, "Exploring the relationships between IT competence, 
innovation capacity and organizational agility," The Journal of Strategic 

Information Systems, vol. 27, no. 1, pp. 22–42, Mar. 2018, 
https://doi.org/10.1016/j.jsis.2017.07.002. 

[27] A. B. S. Alghadban, M. A. M. Alhoot, and O. B. M. Al-Bajalan, 
"Knowledge, perception, and attitude of parents toward dental treatment 
given to their children in Libya," International Journal of Contemporary 

Management and Information Technology, vol. 1, no. 4, pp. 1–8, May 
2021. 

[28] H. Mutebi, M. Muhwezi, and J. C. K. Munene, "Self-organisation and 
supply chain agility: empirical evidence from humanitarian relief 
operations in a developing country," International Journal of Emergency 

Services, vol. 10, no. 3, pp. 390–411, July 2021, 
https://doi.org/10.1108/IJES-07-2020-0044. 

[29] R. K. Marjerison, M. Andrews, and G. Kuan, "Creating Sustainable 
Organizations through Knowledge Sharing and Organizational Agility: 
Empirical Evidence from China," Sustainability, vol. 14, no. 8, Jan. 
2022, Art. no. 4531, https://doi.org/10.3390/su14084531. 

[30] K. Tongsamsi and I. Tongsamsi, "Instrument development for assessing 
knowledge management of quality assurers in Rajabhat universities, 
Thailand," Kasetsart Journal of Social Sciences, vol. 38, no. 2, pp. 111–
116, May 2017, https://doi.org/10.1016/j.kjss.2016.03.005. 

[31] M. Shahzad, Y. Qu, A. U. Zafar, S. U. Rehman, and T. Islam, 
"Exploring the influence of knowledge management process on 
corporate sustainable performance through green innovation," Journal of 

Knowledge Management, vol. 24, no. 9, pp. 2079–2106, Aug. 2020, 
https://doi.org/10.1108/JKM-11-2019-0624. 

[32] R. K. Khorsheed, Z. M. Sadq, and B. O. Othman, "The impacts of using 
social media websites for efficient marketing," Journal of Xi’an 

University of Architecture & Technology, vol. XII, no. III, pp. 2221–
2235, Mar. 2020. 

[33] O. A. Alghamdi and G. Agag, "Boosting Innovation Performance 
through Big Data Analytics Powered by Artificial Intelligence Use: An 
Empirical Exploration of the Role of Strategic Agility and Market 
Turbulence," Sustainability, vol. 15, no. 19, Jan. 2023, Art. no. 14296, 
https://doi.org/10.3390/su151914296. 

[34] M. S. Rahman, M. A. Hossain, and F. A. M. Abdel Fattah, "Does 
marketing analytics capability boost firms’ competitive marketing 
performance in data-rich business environment?," Journal of Enterprise 

Information Management, vol. 35, no. 2, pp. 455–480, Apr. 2021, 
https://doi.org/10.1108/JEIM-05-2020-0185. 

[35] M. Yasmin, E. Tatoglu, H. S. Kilic, S. Zaim, and D. Delen, "Big data 
analytics capabilities and firm performance: An integrated MCDM 
approach," Journal of Business Research, vol. 114, pp. 1–15, June 2020, 
https://doi.org/10.1016/j.jbusres.2020.03.028. 

[36] E. Kristoffersen, P. Mikalef, F. Blomsma, and J. Li, "The effects of 
business analytics capability on circular economy implementation, 
resource orchestration capability, and firm performance," International 

Journal of Production Economics, vol. 239, Sept. 2021, Art. no. 108205, 
https://doi.org/10.1016/j.ijpe.2021.108205. 

[37] M. M. M. Alqahtani, H. Singh, E. A. A. Haddadi, F. S. R. Al-Shibli, and 
H. A. A. Al-balushi, "Impact of Internet of Things, Cloud Computing, 

Artificial Intelligence, Digital Capabilities, Digital Innovation, IT 
Flexibility on Firm Performance in Saudi Arabia Islamic Bank," 
Advances in Social Sciences Research Journal, vol. 11, no. 7, pp. 71–91, 
July 2024, https://doi.org/10.14738/assrj.117.17252. 

[38] R. Doshi, K. K. Hiran, M. M. Mijwil, and D. Anand, "To That of 
Artificial Intelligence, Passing Through Business Intelligence," in 
Handbook of Research on AI and Knowledge Engineering for Real-Time 

Business Intelligence, IGI Global Scientific Publishing, 2023, pp. 1–16. 

[39] J. P. Bharadiya, "A Comparative Study of Business Intelligence and 
Artificial Intelligence with Big Data Analytics," American Journal of 

Artificial Intelligence, vol. 7, no. 1, pp. 24–30, June 2023, 
https://doi.org/10.11648/j.ajai.20230701.14. 

[40] R. Nagy, F. Horvát, and S. Fischer, "Innovative Approaches in Railway 
Management: Leveraging Big Data and Artificial Intelligence for 
Predictive Maintenance of Track Geometry," Tehnički vjesnik, vol. 31, 
no. 4, pp. 1245–1259, June 2024, https://doi.org/10.17559/TV-
20240420001479. 

[41] N. Khazieva, A. Pauliková, and H. H. Chovanová, "Maximising 
Synergy: The Benefits of a Joint Implementation of Knowledge 
Management and Artificial Intelligence System Standards," Machine 

Learning and Knowledge Extraction, vol. 6, no. 4, pp. 2282–2302, Dec. 
2024, https://doi.org/10.3390/make6040112. 

[42] F. Olan, E. Ogiemwonyi Arakpogun, J. Suklan, F. Nakpodia, N. Damij, 
and U. Jayawickrama, "Artificial intelligence and knowledge sharing: 
Contributing factors to organizational performance," Journal of Business 

Research, vol. 145, pp. 605–615, June 2022, 
https://doi.org/10.1016/j.jbusres.2022.03.008. 

[43] H. Al Halbusi, A. Hassani, E. Mosconi, and A. Bayiz, "Knowledge 
management systems and artificial intelligence adoption for increasing 
business sustainability," Proceedings of the Americas Conference on 

Information Systems (AMCIS 2023), Panama City, Panama, Art. no. 147, 
Aug. 2023. 

[44] S. Chowdhury et al., "Unlocking the value of artificial intelligence in 
human resource management through AI capability framework," Human 

Resource Management Review, vol. 33, no. 1, Mar. 2023, Art. no. 
100899, https://doi.org/10.1016/j.hrmr.2022.100899. 

[45] A. Alzoubi et al., "Business Analytics and Entrepreneurial Success: A 
Study of the Influence of Data Analytics Capabilities on Startups’ 
Performance in Jordan," in Artificial Intelligence and Economic 

Sustainability in the Era of Industrial Revolution 5.0, A. M. A. Musleh 
Al-Sartawi and A. I. Nour, Eds. Cham: Springer Nature Switzerland, 
2024, pp. 1371–1384. 

[46] A. Chakraborty and A. Gupta, "Macroeconomic factors and Indian stock 
market: A critical reexamination of APT model," IPE Journal of 

Management, vol. 7, no. 1, pp. 35-41, Jan - Jun. 2017. 

[47] M. Alarefi, "The Impact of Artificial Intelligence on Business 
Performance in Saudi Arabia: The Role of Technological Readiness and 
Data Quality," Engineering, Technology & Applied Science Research, 
vol. 14, no. 5, pp. 16802–16807, Oct. 2024, 
https://doi.org/10.48084/etasr.7871. 

[48] T. H. Elsharnouby and S. Elbanna, "Change or perish: Examining the 
role of human capital and dynamic marketing capabilities in the 
hospitality sector," Tourism Management, vol. 82, Feb. 2021, Art. no. 
104184, https://doi.org/10.1016/j.tourman.2020.104184. 

[49] V. Roblek, V. Dimovski, M. Mesko, and J. Peterlin, “Evolution of 
organisational agility: a bibliometric study," Kybernetes, vol. 51, no. 13, 
pp. 119–137, Feb. 2022, https://doi.org/10.1108/K-11-2021-1137. 

[50] J. F. Hair, Jr., M. Sarstedt, C. M. Ringle, and S. P. Gudergan, Advanced 

Issues in Partial Least Squares Structural Equation Modeling, 2nd ed., 
Sage Publications, Thousand Oaks, CA, USA, 2023. 


