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Abstract: In the digital economy era, the intelligent transformation of enterprise financial management has become a key
measure to enhance enterprise competitiveness. Based on the data-driven perspective, this paper systematically analyzes the
theoretical basis and technical support of enterprise financial management intelligent transformation, and deeply discusses the
main challenges faced by current enterprise financial management in intelligent transformation, such as technical investment,
talent reserve, and data standardization. The research constructs an enterprise financial management intelligent transformation
path that includes overall framework design, key technology application, process optimization, risk control, and performance
evaluation. Practice shows that data-driven intelligent transformation can effectively improve enterprise financial management
efficiency, reduce operating costs, and enhance risk control capabilities.
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1. Introduction

In the digital economy era, the rapid development of new
technologies such as big data, artificial intelligence, and cloud
computing is profoundly changing the enterprise
management mode. As a core function of the enterprise, the
intelligent transformation of financial management is crucial
to enhance enterprise competitiveness and value creation
capabilities. The traditional financial management mode has
problems such as low efficiency, scattered data, and
inadequate risk control, which can no longer meet the needs
of modern enterprise development. The intelligent
transformation of enterprise financial management is an
inevitable choice to adapt to the digital wave, but enterprises
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still face many challenges in the transformation process. This
research starts from the data-driven perspective and
systematically explores the theoretical basis, key technology
application, and implementation path of enterprise financial
management intelligent transformation, aiming to provide
theoretical guidance and practical reference for enterprise
financial management intelligent transformation, which has
important theoretical value and practical significance.

2. Theoretical Basis and Literature
Review of Enterprise Financial
Management Intelligent
Transformation
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Figure 1. Intelligent Technology Application Effect

The intelligent transformation of enterprise financial
management is based on a multi-level theoretical system.
Financial management theory, digital transformation theory,
and intelligent management theory form its core theoretical
basis [1]. Modern financial management theory emphasizes
the balance between value creation and risk control; digital
transformation theory provides a systematic change idea
including business process reorganization, organizational
structure optimization, and management mode innovation;
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intelligent  management theory integrates artificial
intelligence, big data, and other technical elements, forming a
modern management paradigm characterized by data-driven
and intelligent decision-making [2]. In terms of research
status, foreign scholars have laid out earlier, focusing on
intelligent algorithm development, financial data mining, and
predictive model construction; domestic research focuses on
practical application, exploring transformation paths, risk
control, and performance evaluation, and has achieved



significant results in financial sharing services, intelligent
financial robots, and other fields [3]. In terms of technical
support, the fusion application of big data, artificial
intelligence, cloud computing, and blockchain technology
provides strong support for intelligent transformation [4].
According to IDC statistics, the global enterprise technology
investment in financial intelligent transformation is expected
to reach $275 billion in 2024, and various technologies have
shown significant effects in financial data processing
efficiency, security, and cost control, as shown in Figure 1.

3. Current Status Analysis of
Enterprise Financial Management

Intelligentization

3.1. Current Status of Enterprise Financial
Management

3.1.1. Limitations of Traditional Financial Management
Mode

According to the 2023 China Enterprise Financial
Management Survey Report, among the 5,000 surveyed
enterprises, 62% still adopt traditional financial management
modes. These enterprises generally face problems such as low
data processing efficiency, scattered information, and high
manual operation error rates. Data shows that under

traditional modes, financial personnel spend 80% of their
time on basic data processing work, with only 20% of their
time used for analysis and decision-making. In terms of cost
control, traditional manual operation modes result in an
average error rate of 3.2%, directly causing economic losses
that account for 0.8% of the enterprise's annual income [5].
The financial data update cycle is generally long, with 43%
of enterprises taking more than 7 days to generate financial
reports, affecting decision-making efficiency.

3.1.2. Challenges Faced by Intelligentization
Transformation

During the intelligentization transformation process,
enterprises face numerous difficulties. As shown in Figure 2,
survey data indicates that insufficient technical investment is
the main obstacle, with 67% of enterprises reporting that their
intelligentization construction budget accounts for less than 5%
of their total expenditure. The talent shortage problem is
prominent, with a 75% shortage rate of personnel with
combined financial and information technology backgrounds.
The degree of data standardization is low, with 58% of
enterprises experiencing data isolation, making system
integration challenging [6]. Security risk control capabilities
are insufficient, with a 35% year-on-year increase in financial
risk events caused by data security issues over the past two
years.
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Figure 2. Main Challenges in Financial Intelligentization Transformation

3.2. Current Status of Enterprise Financial
Management Intelligentization Application

Table 1. Enterprise Financial Management Intelligentization
Application Status

Application Indicator
Large Enterprise Intelligentization

Specific Data

- - 52%
Transformation Proportion
Medium-Sized Enterprise Intelligentization
L : 35%
Transformation Proportion
Small-Sized Enterprise Intelligentization 13%

Transformation Proportion

The current application of enterprise financial management
intelligentization is rapidly developing. As shown in Table 1,
according to statistics, in 2023, 52% of large enterprises have
achieved  financial management intelligentization

transformation, with 35% of medium-sized enterprises and 13%

of small-sized enterprises following suit. In specific
application scenarios, intelligent accounting systems have the
highest application rate, reaching 85%; financial analysis
intelligentization has an application rate of 65%; budget
management intelligentization has an application rate of 55%;
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and fund management intelligentization has an application
rate of 45%. The effects of intelligentization application are
significant, with a 68% increase in work efficiency of
enterprise financial personnel, a 42% reduction in operating
costs, and a financial risk warning accuracy rate of 92%.

3.3. Case Study

Taking a large manufacturing enterprise as an example, the
company launched a financial management intelligentization
transformation project in 2022, with an investment scale of 35
million yuan. As shown in Figure 3, after the project was
implemented, the financial processing efficiency was
significantly improved: the report generation time was
shortened from an average of 7 days to 1 day, the manual
processing time of financial personnel was reduced by 65%,
and the error rate was reduced from 3.2% to 0.3% [7]. In terms
of cost control, the intelligent system accurately identified
abnormal expenditures, saving 22 million yuan in operating
costs per year. The accuracy of fund forecasting was
improved to 95%, effectively preventing fund risks. The
overall investment payback period of the project was 1.8
years, with an annualized return on investment of 35%.
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Figure 3. Performance Improvement after Digital Transformation

4. Data-Driven Enterprise Financial
Management Intelligent
Transformation Path Design

4.1. Overall Transformation Framework

The overall framework for data-driven enterprise financial
management intelligent transformation is designed from a
top-down approach, with a data middle platform as the core,
and a complete ecosystem that covers data collection,
processing, analysis, and application. The framework is
divided into four layers: infrastructure layer, data processing
layer, business application layer, and decision support layer.
The infrastructure layer provides cloud computing and
storage resource pools to meet the basic digital needs of the
enterprise; the data processing layer is responsible for data
standardization and intelligent analysis to ensure data quality;
the business application layer interfaces with specific
financial business processes to achieve process automation;
and the decision support layer provides intelligent forecasting
and auxiliary decision-making functions to promote
management upgrade. According to the enterprise's scale and
industry characteristics, a step-by-step implementation
strategy is formulated to ensure a smooth and orderly
transformation process.

4.2. Key Technology Application Path

In the process of enterprise financial management
intelligent transformation, the application path of key
technologies plays a decisive role in the transformation effect.
Big data technology is used to process high-frequency
transaction data and unstructured document information,
improving data processing capabilities; artificial intelligence
technology is applied to intelligent report generation and risk
warning, enhancing risk control levels; blockchain
technology is applied to electronic invoice management and
fund settlement links, ensuring business authenticity; and
cloud computing technology supports the construction of
financial shared centers, improving system performance [8].
The technology application plan emphasizes gradualness,
prioritizing high-frequency and standardized business
scenarios, and gradually expanding to complex business areas,
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ensuring that technology application is effective.

4.3. Financial Management Process
Optimization

Enterprise financial management process optimization is
guided by digitalization and automation, and traditional
financial processes are restructured. In the accounting link,
intelligent image recognition technology is used to realize
automatic entry of invoices, reducing manual intervention; in
the fund management link, intelligent fund pool systems
realize automatic allocation of funds, improving fund
utilization efficiency; in the budget management link,
predictive models automatically generate budget plans based
on historical data, enhancing budget scientificity; and in the
report analysis link, intelligent systems automatically
generate analysis reports, shortening the analysis cycle. The
optimized process significantly improves financial
management efficiency, reduces human error, and achieves a
refined financial management operation mode.

4.4. Risk Prevention and Control System
Construction

4.4.1. Risk Identification

In the intelligent transformation process, risk identification
work relies on big data analysis technology to build a risk
warning model. The model deeply mines the enterprise's
historical financial data, identifying abnormal transaction
patterns and potential risk points. The intelligent
identification system focuses on monitoring key links such as
fund anomalies, invoice authenticity, and contract
performance, establishing a risk event library. According to
risk monitoring data, financial data falsification accounts for
32%, fund misappropriation accounts for 28%, invoice
irregularities account for 25%, and contract performance risk
accounts for 15%, as shown in Figure 4. The risk
identification system uses machine learning algorithms to
continuously optimize the risk feature library, improving the
accuracy of risk identification. The system scans business
data in real-time every day, automatically warning of
indicators that exceed the normal fluctuation range,
effectively reducing manual identification costs [9].



Risk Identification Trends (2023-2024)
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Figure 4. Risk Identification Trend

4.4.2. Risk Assessment

In the risk assessment stage, a quantitative assessment
model is used to categorize and manage identified risks. The
assessment indicator system includes dimensions such as risk
occurrence probability, impact degree, and loss scale, and
uses intelligent algorithms to assign weights to each indicator.
As shown in Figure 5, the assessment data indicates that high-
risk items account for 23%, medium-risk items account for
45%, and low-risk items account for 32%. In terms of risk
impact degree, direct economic loss risk accounts for 56%,
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compliance risk accounts for 25%, and reputation risk
accounts for 19%. The assessment system dynamically
adjusts the risk level, combines industry data for
benchmarking analysis, and generates a risk assessment
report to provide a decision-making basis for subsequent risk
control. The assessment results show that the intelligent
assessment model has an accuracy rate 85% higher than
traditional manual assessment methods, and the assessment
cycle is shortened by 65%.
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Figure 5. Risk Assessment Analysis

4.4.3. Risk Control Measures
Table 2. Risk Control Measures Implementation Effect

Comparison
Before After Improveme
Control Indicator Impleme | Implemen P nt
ntation tation
Intelligent Approval 45% 95% 50%
System Coverage Rate
Fund Limit Control 750 98% 23%
Accuracy Rate
Data Security Rate 65% 87% 22%
Major Risk Event 8.50% 2 00% 76%
Occurrence Rate
Risk Loss Amount a
(10,000 yuan/year) 50 199 2
Internal Control C-level A-level +3 levels

Compliance Rating

Based on the risk identification and assessment results, a
multi-level risk control system is constructed. As shown in
Table 2, at the business level, an intelligent approval system
is deployed to automatically intercept excessive and abnormal
transactions, with a control measure coverage rate of 95%. In

149

the fund management link, intelligent fund pool management
is implemented, with a limit control accuracy rate of 98%. At
the system level, blockchain technology is used to ensure that
transaction data is tamper-proof, with a data security rate of
87%. A risk warning platform is established to realize multi-
dimensional visualization of risk information, allowing
management to grasp the risk situation in real-time. After
implementing risk control measures, the occurrence rate of
major risk events decreased by 76%, the risk loss amount
decreased by 82%, and the internal control compliance rating
was upgraded to A-level, with a significant improvement in
risk control effectiveness, providing a safeguard for the
enterprise's intelligent transformation [10].

4.5. Performance Evaluation System Design

4.5.1. Evaluation Indicator System

The performance evaluation indicator system for financial
management in the context of intelligent transformation is
developed from three dimensions: financial benefits,
management efficiency, and innovation capabilities. As
shown in Figure 6, the financial benefits dimension includes
indicators such as cost savings rate and investment return rate,



with data showing a cost savings rate of 35% and an
investment return rate increase of 28%; the management
efficiency dimension includes indicators such as business
processing timeliness and error rate, with business processing
timeliness improving by 65% and error rate decreasing to
0.5%; and the innovation capabilities dimension includes
indicators such as system application coverage rate and data
analysis application rate, with system application coverage

rate reaching 92% and data analysis application rate reaching
85% [11]. The indicator system uses a hierarchical weighted
approach to establish a scoring model, achieving
standardization and scientification of the evaluation process.
The evaluation indicator weights are allocated based on the
company's strategic priorities and development stage,
ensuring the indicators' guidance.

Performance Indicator Trends (2023-2024)
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Figure 6. Performance Indicator Trend

4.5.2. Evaluation Method Design

The evaluation method design adopts a data-driven
quantitative evaluation model, combining intelligent
algorithms to achieve automated evaluation. The evaluation
system automatically collects data on each indicator every
month, and after data cleaning and standardization, calculates
the scores. The scoring uses a percentage system, with
weighted calculations based on indicator weights. The
evaluation dimensions include quantitative indicators
accounting for 75% and qualitative indicators accounting for
25%. Quantitative indicator data is directly collected from
business systems, while qualitative indicators use intelligent
questionnaires and multi-dimensional evaluation methods.
The evaluation cycle is divided into three levels: monthly
evaluation, quarterly evaluation, and annual evaluation, with
different focuses for each cycle. Monthly evaluation focuses
on operational efficiency indicators, quarterly evaluation
focuses on management effectiveness indicators, and annual
evaluation comprehensively evaluates overall performance.

4.5.3. Evaluation Result Application

The evaluation results are fully applied in performance
appraisal, salary distribution, and talent development. As
shown in Table 3, based on the evaluation scores,
performance levels are set, divided into four levels: excellent
(90 points or above), good (80-90 points), qualified (60-80
points), and needs improvement (below 60 points).
Evaluation data shows that after transformation, the
proportion of excellent-level personnel increased from 15%
to 25%, and the proportion of needs-improvement-level
personnel decreased from 12% to 5%. Performance results are
closely linked to salary incentives, with excellent-level
personnel receiving an annual salary growth rate of 15% [12-
13]. Evaluation-identified problems and shortcomings serve
as important inputs for training needs, and targeted
development plans are formulated. Evaluation results are also
applied to job adjustments and promotion mechanisms,
promoting talent mobility and optimizing talent structure.

Table 3. Financial Management Performance Evaluation Level Distribution and Salary Growth Rate

Performance Level Score Range

Pre-Transformation

Post-Transformation Annual Salary Growth

Personnel Proportion Personnel Proportion Rate

Excellent 90 points or above 15% 25% 15%
Good 80-90 points 45% 52% 10%
Qualified 60-80 points 28% 18% 5%
Needs Improvement below 60 points 12% 5% 0%

5. Conclusion and Recommendations

The intelligent transformation of enterprise financial
management driven by data is an important trend in current
enterprise development. Research shows that by adopting
technologies such as big data, artificial intelligence, cloud
computing, and blockchain, enterprise financial management
efficiency can be significantly improved, costs can be greatly
reduced, and risk control capabilities can be significantly
enhanced. Data shows that after intelligent transformation,
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enterprise financial processing efficiency is improved by 68%,
operating costs are reduced by 42%, and risk warning
accuracy is increased to 92%. However, enterprises still face
challenges such as insufficient technical investment, talent
shortages, and low data standardization during the
transformation process. It is recommended that enterprises
start from top-level design, build a complete intelligent
transformation framework, emphasize the construction of a
risk prevention and control system, improve the performance
evaluation mechanism, and adopt a gradual transformation
strategy to ensure a smooth and orderly transformation



process.
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