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Abstract

The advancement of machine translation (MT) technologies has significantly impacted cross-
linguistic accessibility, particularly in literary domains. Sentence structure plays a vital role in shaping
clarity, coherence, and cohesion in written and spoken communication when we translate. This study
examines the performance of machine translation tools in translating Telugu short fiction into English,
with a specific focus on the treatment of simple, compound, and complex sentence structures. By
conducting a comparative syntactic analysis of a selected Telugu short story and its English translation
generated through the online MT tool, ‘Microsoft’. The study identifies patterns of structural
transformation, syntactic distortion, and morphological inconsistencies. Emphasis is placed on the
fidelity of sentence type preservation and the semantic implications of syntactic shifts. The research
reveals that while simple sentences are largely translated with minimal error, compound and complex
sentences often suffer from misinterpretation, clause fragmentation, or unnatural rendering. These
findings highlight the limitations of current MT systems in processing literary syntax and suggest the
need for more linguistically informed models. This study contributes to the growing field of
computational linguistics and translation studies, offering insights into the intersection of sentence
structure and machine-generated literary translation.
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I. Introduction:

Machine Translation (MT) has revolutionized language accessibility in the digital era, playing
an essential role in bridging linguistic and cultural divides. However, while MT systems have improved
significantly in translating factual or technical content, translating literary texts, particularly on short
fiction remains a complex task. Literary language is rich in figurative expressions, emotional
undertones, idiomatic expressions and varied sentence structures. This paper investigates how sentence
types, particularly simple, compound, and complex constructions, are handled when short fiction is
translated from Telugu to English using MT tools. The study also discussed two more sentences,
compound-complex and fragment which are traced in the selected prose work.

I1. Objectives of the Study:

This research article aims to investigate selected text by a hybrid approach. By this, study focuses
on to examine the effectiveness of Microsoft Al translation in preserving sentence structures from
Telugu short fiction to English with RBMT model, to identify errors and inconsistencies in translating
simple, compound, and complex sentences by the help of clauses and to understand how a sentence
type influences translation of a literary prose.

III.  Review of Literature:

Research studies in MT have long acknowledged challenges in translating structural

differences in languages. Telugu, a Dravidian language, follows a subject+object+verb (SOV) order,
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while English typically follows a subject+verb+object (SVO) order. This syntactic mismatch often
results in structural shifts in MT output also. Researchers such as Pushpak Bhattacharya in Machine
Translation, Makota Nagao in How Fat can It Go? Machine Translation emphasized the importance
of syntactic parsing and sentence segmentation in improving MT accuracy. In this book Bhattacharya
introduces Rule Based Machine Translation concepts. This research outlines the information about the
different methods to machine translation, as well as related works. However, limited work has been
done specifically on Telugu to English literary translation and sentence type analysis.

IV.  Methodology:

A qualitative analysis is being conducted using short excerpts from Telugu short fiction
“Pagilina Gali Budaga”(1937) which is written by prominent author, Peddi Botla Subbaramaiah. Many
methods were formulated for analyzing sentences. Here the translated English data is analysed with
the Rule Based Machine Translation model (RBMT). Sentences were categorized as simple,
compound, and complex based on standard grammatical definitions. The translated outputs were
analysed for syntactic fidelity, semantic accuracy, and naturalness of expression.

V. NMT Vs. RBMT:

The difference between NMT (Neural Language Model Translation) and RBMT (Rule Based
Machine Translation) is working with their approach to language processing and translation
methodology. NMT works with deep leaning models which is typically based on neural networks e
from large parallel corpora to translate any language. Mostly, it works on neural model, like an
encoder-decoder with particular attention. It is trained on millions of sentence pairs. It learns patterns,
grammar, context and vocabulary from the data. Whereas, RBMT works on manually written linguistic
rules and bilingual dictionaries to translate text from one language to another. When it comes to
creative writings translation, both NMT and RBMT are not successful. RBMT is rule-based,
transparent and grammar focused tool but not flexible. NLM/NMT is data-driven, context based and
more fluent, but less explainable. Though NMT is advanced it has many technical hitches when it
translates a literary text from one language to another language.

VI Rule-Based Machine Translation (RBMT): Rule Based Machine Translation
RBMT works by applying a set of linguistic rules

(grammar, syntax, morphology, etc.) to translate
sentences from a source language (Telugu) to a target ' '
language (English). The RMBT utilizes the linguistic l Mogg?;zgcal Elkee Al

information to decode the source and target languages. I
RBMT is superior in grammar and it is more predictable Sentence Type

W K (Simple/Compound

when we compared to other methods. When it comes to {tense;ease)

i

/Complex)
sentence type (simple, compound, and complex) RBMT m—
handles them through structured, rule-governed steps. Module (Syntax,
The present research article is following RBMT based e
MT for the select text. The flow chart figure shows how Sentence Generator
RBMT works in the MT. (Target language)
VII. Introduction to Simple, Compound and

Complex Sentences: l Elug il Dt

Sentence structure plays a dynamic role in
shaping clarity, coherence, and association in written and spoken communication. This article explores
the foundational types of sentences in English i.e., simple, compound, and complex which are
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identified in the short fiction to demonstrate how each contributes to effective in language use. A
simple sentence contains a single independent clause is delivering straightforward ideas with clarity.
A compound sentence, made up of two or more independent clauses joined by coordinating
conjunctions, which helps to link related ideas and maintain flow. A complex sentence combines one
independent clause with one or more dependent clauses, allowing for nuanced expression of
relationships such as cause, contrast, time, and condition. The study also discusses about other
sentences of compound-complex sentences and fragment sentences. The compound-complex sentence
1s forms with two independent clauses and at least one dependent clause which expresses more ideas in one
sentence. Whereas fragment sentences are not full sentences but they give expressive information and adds
efficacy to the discourse. The analysis of the sentences has shown as Source Language (SL) and Target Language
(TL). For SL text is given transliterate script also.

VIII. Analysis of Sentences:
1. Simple Sentences:

According to the structures, there are three kinds of sentences in English, i.e., Simple,
Compound and Complex sentences. Simple Sentence Contains one independent clause which should
has one subject and one finite verb. It expresses a single thought that can stand on its own.

Rule Based Machine Translation works on clause, subject+verb+object (SVO) structure. Hence
it matches source sentence with a corresponding simple sentence pattern in the target language. It
works on morphological rules to handle verb conjugation, case markers, tense, etc.

Example:
1. SL: OQ 20P0E00TTT0R) 20 QOCNED €3°80)0°), ¢80 0T,
(Pani ctisukundamani phailu munduku lakkunnadu murari)

TL : Murari pulled the file forward to look after the work.

Source data from Telugu to target language, English is translated by direct one-to-one mapping
using grammar rules. MT tools were largely successful in translating simple sentences.

Example:
2. SL: 809 S S°8 tdrae) om
(Kallu phail 16ki ciistunnayi)
TL: Eyes are looking into the file
3. SL: & g°0° 33
(Neénu kallara ctisanu)
TL: I saw it with my own eyes
4. SL: 8% 3308 S&M Fersreromnr 8er8ererciehdr) om.
(Rodlannt janantd raddiga kolahalanga kitakitaladutunnayi.)
TL: All the roads were crowded with people.
5. SL: 20 D82 QB0 S0MHEK @980 50809 EADOT.
(Bas'su pakkana iddaru mugguru adukkung vallu kanipincaru.)

TL: Two or three beggars were seen next to the bus.

Although there were no structural corrections regarding the sentence type, but some vocabulary
related errors are observed. In the fourth example, SL sentence “Serre>0m”, “8638€3e7¢¢5”
words are not translated. Hence, the true literariness of the creative writing is missing. The intensity
of the action will not be conveyed appropriately. This is quite common in the creative works. The study
has observed that there are errors in terms of TL words in the translated discourse.
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2. Compound Sentences:

Compound Sentence contains two or more independent clauses joined by coordinating
conjunctions. A sentence is made of two simple sentences joined by a coordinating conjunctions (For,
and, nor, but, or, yet, still etc.)

In RBMT component it identifies conjunctions (and, but, yet etc.), splits the source sentence into
clauses and translates each clause separately using the rules. Then finally machine rejoins clauses using
English coordinators.

Example:

1. SL: S00°8 §0TI0 €35 5500 0SS R 5o 587 23R &m™) 008
™) . (SL)
(Murari koncem ascaryap0yi antalon€ navvutii'bagané unnamandi annadu.)
TL: Murari was a little surprised and smiled and said, "We're fine. (TL)

Each clause is translated using rule sets, then joined with a coordinating conjunction. In the
first example sentence co-ordinating conjunctions are joined with three independent clauses by the
‘and’. “Murari was a little surprised”, “smiled” and “we are fine” are independent clauses which are
joined with ‘and’. So, the sentence has three independent clauses by a single speaker.

2. SL: 5008 B '5505 )0 @90 Q0T SFEFSTE SO ST I)F°C.

(Murari leci'thyanksndi' antii inkémi matladaleka 1€ci vacceésadu)
TL: Murari got up and said, "Thank you,' and, unable to say anything else, got up.
3. SL: 00 DAT 8602 EEPFO S35 57SES” TEH0DOA.
(Kastinci panicesi kadupu kattukuni tananu kalg&jilo ceérpincindi.)
TL: English: She worked hard and got her stomach shut and enrolled herself in college.

It often failed to join clauses correctly, misused conjunctions, or produced run-on sentences. In
the second example multiple independent actions are joined by ‘and’ conjunction. If we observe, the
third example MT has identified type of the SL sentence and changed into compound sentence. But
meaning of the translation is completely wrong. “§¢8e) §EPEO” is translated as “stomach shut”,
this is not correct. Moreover, the sentence is about narrator’s mother, her struggle for raising her
children up. To translate this thought meaningfully into TL the MT has not successful. As a results
appropriate meaning is not conveyed accurately. For the second examples also MT has done the same.
3. Complex Sentences:

Complex Sentence contains one independent/main clause and one or more dependent clauses.
A Complex sentence always has a subordinate conjunction (as, because, since, after, though, when,
where, if, unless etc.) or a relative pronoun (who, which, what, that etc.). Therefore, a complex
sentence combines one independent clause with one or more dependent clauses, allowing for nuanced
expression of relationships such as cause, contrast, time, and condition. Understanding the structure
and function of these sentence types enables writers and speakers to convey meaning more precisely
and adapt their style to different contexts. MT recognizes subordinators of clauses and identifies main
clause and subordinate clauses. It applies specific rules for subordinate clause transformation on the
discourse. Then it reconstructs the English sentence using English subordinators and proper word
order.

Example:

1. SL: @& A DT 0068 2,0¢390 S, Z(Kexr EILON0A.
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(Adi vin1 vinagan€ murariki ontininda téllu, jerruli pakinattayindi.)

TL: When Murari heard it, he felt as if his body was full of scorpions and jerks.

If we observe RBMT proces, it works as three steps. As the first step the machine identifies
clauses of the sentence (dependent and independent) then in the second step, it separates dependent
and main clauses with the suitable conjunctions and matches with English structures. In the third step

it generates translated sentence in the Target Language. In the above example, ‘@& DA DITR” is

a dependent clause. ‘30008 2,0¢3Q0G° B, e F*EIE N0’ is a main (independent)
clause. Here in TL the translated word ‘jerks’ is not suitable to the context.

The most significant issues were observed in translating complex sentences by M T subordinate
clauses were often mistranslated or omitted. As a result, there was a loss of meaning for a sentence.

2. SL: 3038 S BAIN)YE3 OA HS0DS S0 DHB0cE w3788 TRNOLNOA.

(Sankari podduna I&cinappati nundi vaficina nadurh ettakunda cakiri céstuntundi.)
TL: Ever since Shankari got up in the morning, she has been doing chakiri without lifting her bent
waist.

3. SL: )80 &S D10 ey @O G0 €08 T°e) H0eriHod.
(Ennikalu daggara padatantd ninadalti arupulatd Giranta aksarala santalagundi.)
TL: As the elections drew to a close, the whole town was filled with slogans and shouts.

RBMT has recognized one independent clause and two subordinate clauses in the SL sentences
of the second and third examples. So that it has identified as complex sentences and translation has
been done. According to the syntactical identification, MT is working efficiently. But when it comes
at meaning and connectivity it is highly uncertain. The study has identified clearly that the part of the
meanings of the sentences do not seem correct. This has been demonstrated by the above TL sentences.

Similarly, in the second and third examples MT identified the ST as complex sentences but not
meaningfully translated into TL. Consequently, it is clear that MT is working effectively for the
practical work, but not in the morphological work. If we observe the words in the second example SL
sentence, “cCO Qéé\mw’”, and “23°88” are not shown in the TL, “without lifting her bent waist”
and ““chakiri” as a part of the meanings, they do not seem to have worked that effectively. In the third
example, the word in SL “00¢5¢(D0E&.” is not translated in the TL.

All over, compound sentences presented moderate challenges. Whereas the most significant
issues were observed by MT in translating complex sentences. Subordinate clauses where often
mistranslated or omitted, resulting in loss of meaning.

4. Compound-complex Sentences:

In the discourse, some sentences are formed with compound-complex sentences. They are
discussed by the below example.

1. SL: S00e8 5250638 S 2.8 e 30 63 & e Godm HQ FENHD
SrE0 0D ID) SNTO DEER RN DOZBOTTE F08(T°%) 'der
Gor) 30 PO @0y,

(Murari kyantin 16 oka miila kiircuni 1 tagutundaga, sankar ravu diiram nundi vacci murari
pakkana kiircuni, 'ela unnaru sar?' Ani palakarincadu.)
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TL: While Murari was sitting in a corner of the canteen and drinking tea, Shankar Rao came
from a distance and sat down next to Murari and greeted him, 'How are you, sir?'

In this compound-complex sentence there is dependent clause which is combined with multiple
co-ordinated actions. This is also come under complex sentence. MT has done from target source
language, Telugu to target language, English with appropriate meaning. In this sentence dependent
clause is “While Murari was sitting... drinking tea” and multiple coordinated main actions, “came”,

13 2% ¢¢

sat”, “greeted” are used. But it is clearly observed that the creative literary essence is missing in the
TL sentence.

2. SL: $0810°%) )ROSR DA EEPTD 5D D& SN & S8 FO
DOCNEY VAT VEFE ©9F0 S
(Sankarravu unnattundi pani kattukoni vacci pakkané kiircuni T taraha sddi enduku
modalupettado arthar kaledu)
TL: Shankar Rao suddenly came to work and sat next to him and did not understand why
he had started this kind of sodhi.

In the above example, MT has identified SL sentence as compound-complex sentence. Because
here co-ordinated main actions are combined with dependent clause, “why”. Consequently, sentence
type identification is done correctly but not successful in the terms of meanings. “f&” in SL is not
shown (translated) in TL. It is showing as it is in TL “sodhi”. Although there are no syntactical errors
in the sentence but observed that there are errors in the terms of words.

5. Fragment Sentences:
The study also identified a few fragment sentences. Fragment sentences are the sentences which
do not have any syntax but gives meanings.

1. SL: TPe® SO, DD SOM.

(Cala nem'madiga, saumyanga)

TL: “Very slowly, very gently.”

Fragmented sentences are not full syntactical sentences, but present in the text and make the
discourse more effective. Exclamatory fragment sentences are functioned as rhetorically. Such
sentences are incomplete and give phrasal meaning only.

2. SL:'Q@30.

('Nijarh.”)
TL: It's true
3. SL:'Q0 2SS DES’!
('Em jTvitalo emitd!)
TL: “What a life is all about!

Here, the third example is used as an exclamatory fragment sentence which is functioning as
rhetorical and exclamatory. Usually, fragment sentences do not follow any fixed structures but they
express strong feelings and emotions pertaining to the context. MT is successful in the first and second
examples, but coming to the third example, the study has observed MT is not meaningfully done.
Expression is missing when MT has translated from Telugu to English. Hence the fragmentation of
emotional touch is vanished.
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IX. Research Findings:

» With the analysis of the above example sentences of simple, compound and complex
sentence by the RBMT rules, MT has been translating simple sentences by the help of direct
transfer via lexical and grammar rules which are followed by morphology and word order.

» In the compound sentences, MT is identifying clauses and joining with conjunctions. It
worked as clause segmentation and with co-ordinator rules.

» Complex sentences followed the strategies of identifying main and subordinating clauses
with subordinator handling and clause ordering.

» Coming to the discussion, the analysis demonstrates that MT tools perform reasonably well
with simple sentence structures but struggling with the syntactic and semantic complexities
of compound and complex sentences.

» In literary translation, where nuance and connections are essential, such breakdowns
significantly affect the quality and interpretability of the text. The tendency to oversimplify
or fragment clauses results in a mechanical and sometimes incoherent output.

» The study examined translations of sentence types from Telugu to English by the RBMT
system's accuracy, particularly in preservation of clause structure, conversion of sentence
types, meaning of translated text and handling of conjunctions and subordinate elements
which are correctly used.

» MT is implemented to translate simple, compound and complex sentences from the discourse
formed using connectives a test suite of the sentences.

X. Conclusion:

This study highlights both the capabilities and limitations of machine translation in handling
modern literary prose from Telugu to English. While MT can support basic translation tasks, it remains
insufficient for capturing the stylistic and structural nuances of complex sentence forms in modern
short fiction. The findings suggest a need for MT systems that are better attuned to syntactic structures
and literary contexts of a generated text of a regional language. Further research involving larger
corpora and advanced linguistic models may enhance the reliability of machine-assisted literary
translation. Analysed syntactic richness and stylistic variability of short fiction, translating of texts
poses unique challenges, especially when source and target languages differ significantly in structure
and meanings. To get accuracy for creative literature human intervention is required.

XI.  Appendix:

This table Include side-by-side examples of Telugu source, MT output, and reason of the
sentences. It shows Simple, Compound and Complex sentences which are found from the first five
paragraphs from the modern short fiction “Pagilinina Gali Budaga”.

Telugu Sentence English Sentence Type Reason
DD LPEVOTTaNA | Murari pulled the file One independent
N 003 | forward to look after the | Simple clanse P

80y 0%) ¢ Sword | work.
09 o) S8 Eyes are looking into

Single subject and

Simpl
LA™ 0N the file. b verb.
5 @3 20(3SE | But nothing  climbed Simmle One  independent
D V8BS into his head. P clause.
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0D o [NICY | The whole brain became One subject
2800 2,8 Cj§§_)<6 numb and covered with | Simple compound pre dicate,
T €8ar00R. a kind of glare. '
20 0358 &2y | Pushing the file to the
DO SN 3 d other side, he broke his
NEHED o B @8 fingers %n frustratlgﬂ, Compound Cc‘)orgmate’e’d actions

- v pushed his hair up with with “and.
S § S one hand, and leaned
é\)éQQS{S NG CR. back in his chair.
8y &80  8%09 | He closed his eyes for a Simo] One  independent
QPRSI C. moment. ple clause.
S T B3NS
QAP0 He wiped his face witha Simple Single action.

' faded handkerchief.
A0CHTNEOD®) C.
©0 BOS’ S”SO(%QG When you think of what
280 §9a3*G0 | happened in the canteen C 1 Dependent  clause
e NVLOD 20809 | during lunch time, it ompiex starting with "when."
20358008, makes me tingle.
D58y $80E xS | The brain is hit by an Simple Single clause
SADIEHB0A. electric shock. '
3080%) S &¢3 | Shankar Rao is his | . 1 One subject, one
00T ed2ax fellow clerk Mitabhasi. Simple predicate.
KRNI RNV It is not the kind of .
DASSTS %50 | interference in | Simple Olne independent
VENEOT BT 5°¢%. | unnecessary things. crause.
B IDWE’ TR’
S$D) S4&oydy | Heis notused to making
HB0meN =080 chee}p speeches and Cont.ams
talking about others | Complex relative/dependent

ER NS B8O except what he is doing clauses.
w@é@% &8 | 4nd what he is.
OOIEN SN.
;5:;)_2) 5226 CQS&D ;%zg Of the four, it is for the Contains a del.)e‘ndent
BeXoe3 aPov;‘: treasonsb‘that he | Complex phrase explaining a
0y circulates as a big man. cause.
NN exle) 95085 GSS 2,8 | While Murari  was Dependent  "while"
ey 5% QQ 8 sitting in a corner of the | Compound-— claﬁse ¢ multiple
OB GO D | canteen and  drinking | Complex coordinated actions.
§¢}Q§)Q A0 oD | tea, Shankar Rao came
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SQ) S0T"8 DB | from a distance and sat
B50B0)Q DeEB0TeC | down next to Murari and
30807 ey | greeted him, 'How are
&) & D' @0e)r. | you, sir?
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