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ABSTRACT   

The COVID-19 pandemic is profoundly affecting the 

way of consumer buying. Firms are therefore challenged 

to be more reliant on technology as many consumers 

have turned into protection mode and do anything 

remotely. While the usage of technology has offered 

flexibility and simplicity, it has also exacerbated the 

technostress issue. This study was conducted to 

understand and examine technology usability and 

presenteeism that influence technostress during the 

COVID-19 pandemic situations. A five-point Likert scale 

questionnaire survey was used to evaluate the perceptions 

of technology characteristics and techno-stress among 

marketing employees. A total of 262 respondents that 

classified as marketing employees that are experienced 

“working from home” during the pandemic, were 

collected and analyzed by using Covariance Based 

Structural Equation Modeling (CB-SEM). The results 

suggest that technology usability has positive influences 

on techno-complexity and techno-insecurity. Moreover, 

the negative influences of presenteeism on techno-

overload and techno-insecurity were also proved in this 

study. Interestingly, marketing employees do not see their 

hyper-connectivity with technology implemented by the 

company impact their workloads and worries as they 

consider the current radical changes only temporary and 

will only last during the pandemic. 
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Introduction  

The outbreak of the COVID-19 pandemic has hit the development of the global economy 

and produced a huge crisis to the survival of firms worldwide. Although the current COVID-

19 pandemic is not the first pandemic that has arisen globally, it is the first time that such a 

pandemic has had a global effect in a just few short weeks after World Health Organization 

(WHO) pandemic announcements (Brem et al., 2021). As a consequence, the implementation 

of lockdown and social distancing mandates by governments resulted in massive changes in 

consumer behavior as they have turned into protection mode, having more self-awareness 

(health concerns), and do anything remotely. Firms are therefore challenged to be relevant 

with this natural disruption and relied on the usages of technology to survive. With the 

outbreak of the COVID-19 pandemic, working from home has become a new mandatory 

habit as part of the public health responsibility. Raghuram et al. (2019) argue that the usage 

of technology or computer-mediated work (CMW) is expected to ease the process of 

information sharing among employees. Rupietta & Beckmann (2018) and Zainuddin & Isa 

(2019) added that working from home also could impact the increase of intrinsic motivation 

and information sharing activities.  

While the usage of technology has offered productivity, efficiency, and flexibility, it has 

also exacerbated technostress problems in the workplace. Prior studies related to this 

phenomenon confirmed that technostress could become a significant factor in personal health 

problem, job dissatisfaction, work inefficiency, and ineffectiveness (Boonjing & 

Chanvarasuth, 2017; Durucu & Bayraktar, 2020; Hung et al., 2015; Mahboob, 2016; Tarafdar 

et al., 2007; Zulfany et al., 2019), unwillingness to extend the use of technology (Fuglseth & 

Sørebø, 2014), the loss of career promotion (Cooper & Kurland, 2002; Van Steenbergen et 

al., 2018) and customer dissatisfaction (Christ-Brendemühl & Schaarschmidt, 2020). 

Moreover, Tarafdar et al. (2014) added that there is a potential conflict that could lead to 

stress due to the use of technology (technostress) among salespeople as many of them would 

rather spend time interact with consumers than in front of the computer screen (Geiger & 

Turley, 2006; Rangarajan et al., 2005). Gschwandtner (2011) argued that the shifts in time 

spent priority of salespeople from selling to use of technology could affect into lost sales.   

Technostress terminology was initially introduced in the medical field by Brod (1982), 

who defined it as the situation of overall stress in which experienced by an individual due to 

their inability to adapt to the new trend of technology in a healthy manner (Tarafdar et al., 

2014). Technostress can be divided into four categories which consist of techno-invasion, 
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techno-overload, techno-complexity, techno-insecurity, and techno-uncertainty (Tarafdar et 

al., 2007). Since then, many scholars have extended the critical aspects of technostress in a 

different point of view for example. Ayyagari et al. (2011) identified five aspects of 

technostress which is work overload, role ambiguity, invasion of privacy, work-home 

conflict, and job insecurity. Followed by  Stich et al. (2017), Wang et al. (2020), and Zhang 

et al. (2016) that used attitude toward technology, workload, work complexity, digital 

literacy, user involvement, person-organization misfit, person-people misfit, and person-

technology enhanced learning (TEL) misfit as a multidimensional aspect that affecting the 

level of tecnostressors. Technostress has become a crucial issue especially in the crises like 

COVID-19 in which most people using technology to interact and continue their job 

responsibilities. The previous study related to the topic of technostress has occurred mostly 

during the “normal conditions”. Therefore, it is essential to examine the potential stress 

caused by technology especially as the longitudinal study during the “normal conditions” 

(even before the COVID-19 pandemic) that’s indicated a contradictory result (Ter Hoeven et 

al., 2016; Van Steenbergen et al., 2018). 

Moreover, several recent studies confirmed the significant role of technology 

characteristics as the predictors of techcnostress. Ayyagari et al. (2011) stated that technology 

characteristics such as usability (usefulness, complexity, and reliability), intrusiveness 

(presenteeism, anonymity), and dynamism (pace of change) have a significant influence on 

technostress level. They also concluded that while work overload and role ambiguity found to 

be the two most dominant techostressors, intrusiveness characteristics were confirmed as the 

dominant predictors of techostress. Interestingly, although their study confirmed the 

significant contribution of usability in the level of technology adoption, Verkijika (2019) 

stated that in general, the association between usability and technology adoption is quite 

questionable as several studies found different results either not strong enough or non-

significant. Furthermore, Zhao et al. (2020) added that presenteeism also can be classified as 

one of tehcnostress creators. With the presence of technology, employees are connected to 

their job even during their off-job time (hyper-connectivity). These situations therefore often 

viewed as significant obstacles to their personal growth and career promotion. This study 

aims to understand and examine the effect of technology usability and the presence of 

technology on techno-stress dimensions (such as techno-complexity, invasion, overload, and 

insecurity). This study advances the emerging of technostress discourse by including the role 

of hyper-connectivity as one of the technostress predictors during the COVID-19 pandemic 

situations 
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Literature Review 

Technostress in the Workplace 

 The crucial role of technology usages in escalating the performance of a business is 

unavoidable. Dhomane & Mathew (2021) even added that the COVID-19 pandemic crisis has 

fast-tracked the growth of technology usages like never before especially as the dependency 

of most people on technology to interact and continue their job responsibilities. Even though 

the usage of technology has offered productivity, efficiency, and flexibility, it is also 

surrounded by the difficulties to adapt to technological resources that were designed by the 

company. This paradoxical issue is known as (workplace) technostress which was first coined 

in the medical field by (Brod, 1982). While Chandra et al. (2019) defined workplace stress as 

a default response of employee regarding the onset pressure condition which is the misfit 

between job demand and the ability to meet those demands, technostress is the stress that 

suffered by employees due to the inability to cope up with technology (Khan et al., 2013; 

Nisafani et al., 2020; Yu et al., 2017). 

 Prior study related to technostress in the workplace shows the association of technostress 

on organization performances, productivity, satisfaction, career development, health and 

wellness, attitude toward technology, and job security (Atanasoff & Venable, 2017; Boonjing 

& Chanvarasuth, 2017; Christ-Brendemühl & Schaarschmidt, 2020; Durucu & Bayraktar, 

2020; Fuglseth & Sørebø, 2014; Hung et al., 2015; Mahboob, 2016; Tarafdar et al., 2011; 

Zulfany et al., 2019). Moreover, in the case of sales professionals, technology use is often 

seen as an additional stressor that could decrease their overall performance in the sales role 

(Tarafdar et al., 2014). Although most sales professionals have confidence in their technology 

self-efficacy, they will reject any initiatives of technology project due to their unwillingness 

to adopt that particular technology (Speier & Venkatesh, 2002). A study from Ahearne & 

Rapp (2010), confirmed that the usages of technology by sales employees could increase their 

stress level, job dissatisfaction, absenteeism, and voluntary turnover. Followed by Chonko et 

al. (2002) that found that “there is a strong positive association between time spent with 

customers and probability of making quota, indicating a conflict between building 

relationships with customers, and expected use of IS that might prevent face-to-face 

interaction with them.”  

 Technostress can be measured by several dimension which is techno-invasion, techno-

overload, techno-complexity, techno-insecurity, and techno-uncertainty  (Ibrahim et al., 2019; 

Marchiori et al., 2018; Tarafdar et al., 2007), work overload, role ambiguity, invasion of 
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privacy, work-home conflict, and job insecurity (Ayyagari et al., 2011), attitude toward 

technology, workload, work complexity, digital literacy, user involvement, person-

organization misfit, person-people misfit, and person-technology enhanced learning (TEL) 

misfit (Stich et al., 2017; Wang et al., 2020; Zhang et al., 2016). This study used the five-

dimensional technostress proposed by Tarafdar et al. (2007). Alam (2016) and Califf & 

Brooks (2020) identified techno-complexity as the degree where employees are required to 

spend their valuable resources (time, money, etc.) to get better understandings and acquires 

new skills of a particular technology as a result of its complexity. While Sareen (2019) and 

Tarafdar et al. (2019) defined techno-invasion as a situation in which the users feel the need 

to be constantly connected with technology even though during non-work time. Gaudioso et 

al. (2017); and Saka et al. (2020) described techno-overload as a situation in which the users 

feel that they are forced and requested to work more and faster as a result of technology 

adoption. Techno-insecurity, on the other hand, is the stress caused by the perceptions that 

the use of particular technology and its nature of constantly upgrading can threaten them in 

losing jobs (Güğerçin, 2020; Zainun et al., 2020). They are afraid that “others may know 

more about new technologies than they do” (Stich et al., 2017). Finally, techno-uncertainty 

can be described as the unsettled feeling caused by constant changes, upgrades, and the 

usages of new integration technology that creates ambiguous work requirements and 

expectations (Güğerçin, 2020; Li & Wang, 2020). 

Technology Usability and Technostress 

 Nowadays, the role of employee’s perceptions on technology usages becoming critical as 

it can determine their performance directly especially during the COVID-19 pandemic. 

Attitudes, experiences, and feel that they have had on information systems, therefore, 

constitute their technology characteristics perceptions and the level of technology adoption. 

Ayyagari et al. (2011) defined technology characteristics as an employee’s overall assessment 

toward particular attributes or features of technology. One of the dimensions commonly used 

by scholars in measuring technology characteristics is usability. Usability is representing the 

scale of "how well users can use the functionality provided by a particular system or 

technology” (Nisafani et al., 2020). Ayyagari et al. (2011) identified three dimensions of 

usability that consist of usefulness, complexity, and reliability. Also, Pal & Vanijja (2020) 

divided the usability factors into perceived usefulness and ease to use. While perceived 

usefulness can be described as the degree to which employees' think that using particular 

technology would improve their performance (Balog, 2010; Bandiyono & Muttaqin, 2020; 
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DeLone & McLean, 2003; Jiang et al., 2012), Ying et al. (2021) defined easily of use and 

reliability as the extent to which attributes and features of a specific technology is enjoyable, 

free of effort, and dependable. Verkijika (2019) added that although most previous studies 

confirmed the significant contribution of usability in the level of technology adoption, the 

association between usability and technology adoption is quite questionable as several recent 

studies from Chen et al. (2018) and Moorthy et al. (2019) found different results of usability 

contribution on technology adoption which is either not strong enough or non-significant. 

    Previous studies from Agogo & Hess (2015), Ayyagari et al. (2011), Sellberg & Susi 

(2014), and Tarafdar et al. (2019) confirmed that usability issues of technology influence the 

perception of technostress. The more difficult technology usages perceived by employees, the 

higher the level of stress that is felt by them. In terms of usability dimensional, Foster (2010) 

explained that “the relationship between complexity and usefulness can be captured by a U-

shaped curve." Although his study was conducted in the psychological field, it is common to 

understand that the more complex technology provided by the company often refers to the 

lack of usefulness. For example, the software may offer a feature set that useful for 

employees in order to enhance their productivity (Nisafani et al., 2020). However, at the same 

time, it also contains hidden and complex functionalities that need to be memories and or 

operates in detail. Oppositely, Hole (2016) argues that in the ICT (Information & Computer 

Technology) field, the complexity of ICT is due primarily to the huge interactions and 

communications between stakeholders for both operational, managerial, and executive-level 

and combination of several computer systems within the organization. Therefore, it can offer 

depth and/or usefulness functionalities to its users.    

  Furthermore, Kim et al. (2015) and Oh et al. (2019) stated that perceived usefulness has 

positive influences on users continues use behavior. Considering that the need for 

connectedness as a description of techno-invasion, it is expected that the more positive 

evaluation toward the specific technology, the more users are to foresee technology 

connectedness. Perceived usefulness also proved as negative predictors of techno-overload, 

Ayyagari et al. (2011) stated that the abilities of employees to do work faster and effectively 

are enhanced whenever they find the technologies that are designed by the company are 

useful, thereby it will reduce their work overload perceptions. Finally, since technology's 

usefulness could lead to the trust of a particular technology. Therefore, the more useful and 

sophisticated technology that was designed by the company will result in negative techno-

insecurity (Tarafdar et al., 2007, 2019) especially “since users who feel insecure typically 

have little trust in the new technology” (Nugroho & Fajar, 2017).  
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H1a:  Technology usability will be associated with techno-complexity. 

H1b:  Technology usability will be associated with techno-invasion. 

H1c:  Technology usability will be associated with techno-overload. 

H1d:  Technology usability will be associated with techno-insecurity. 

Technology Presenteeism and Technostress   

Kinman (2019) defined presenteeism as situations in which people continue to work 

despite difficult conditions (illness). Several studies found that due to the nature of 

presenteeism that can be categorized as “invisible behavior”, the incidence and cost of 

presenteeism is considerably higher than absenteeism. Knani (2013) added that the costs of 

presenteeism are underestimated as they are difficult to assess but at the same time impacted 

in many aspects within the organization such as productivity, service performance, and 

others. On the other hand, in the case of technology, presenteeism can be described as the 

degree of hyper-connectivity in which particular technology enables users to be accessible in 

any situation (Fredette et al., 2012; Issa & Bahli, 2018). Rainbow & Steege (2017) added that 

“presenteeism is a complex behavior that can stem from a variety of antecedents, and lead to 

cost, performance, and productivity loss for companies.”  

Furthermore, due to their hyper-connectedness with technology designed by companies, 

employees have to handle the heavy workload that needs to be accomplished in a short time. 

This situation therefore often ended on their frustration and exhaustion toward technology. 

Ayyagari et al. (2011) added that technology presences will cause fragmentations of job tasks 

due to the increasing amount of communication between an individual that often leads to 

irresolution tasks. “They perceived a higher job demand because of the increased technology 

complexity” (Knani, 2013). With the COVID-19 pandemic that is not over yet, the high level 

of employee reliance on technology obligates them to be constantly available even though 

they are not in good conditions (sickness) or in time with their families. A study by Xiao & 

Mou (2019), found that presenteeism has a positive influence on privacy invasion and 

invasion of life. 

Presenteeism could also manifest in the perception of work overload, as hyper-

connectivity is often implied on work faster and longer (Ayyagari et al., 2011). During 

working from home, the duration of work is not controllable resulted in increasing task 

exposure with the expectations of faster turnaround times (Valk & Hannon, 2017). Cooper et 

al. (2001) stated that hyper-connectivity is perceived as stressors and work overload that is 

experienced by an individual due to the connectedness with technology. Presenteeism 
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however may worsen during the implementation of new technologies which is often followed 

by an increased perceived workload and reluctance to adopt (Knani, 2013). Finally, the 

presence of technology also has brought a super anxious situation amongst employees. Knani 

(2013) explained that employees who have been with the company for several years feel 

more frustration due to the mistreatment, the lack of support and recognition from their 

companies. They sense that the more they are connected with technology, the more they are 

realized that their job is in jeopardy (Díaz et al., 2018).  

H2a:  Technology presenteeism will be associated with techno-complexity. 

H2b:  Technology presenteeism will be associated with techno-invasion. 

H2c:  Technology presenteeism will be associated with techno-overload. 

H2d:  Technology presenteeism will be associated with techno-insecurity. 

Methods 

 This study can be categorized as quantitative and exploratory research as employees' 

evaluation of specific instruments was represented by numerical data and the objective of this 

study that wants to investigate and describe the problem that has not been determined. 

Purposive sampling was chosen as a sampling technique of the study. A survey questionnaire 

with a five-point of Likert scale was distributed to marketing employees that classified as 

Indonesia Marketing Association (IMA) active members and have been experienced 

“working from home” during pandemics situations. Marketing employee was chosen as the 

object of this study because of the huge impact of COVID-19 to this particular job as the 

widespread of lockdown and social distancing protocols (He & Harris, 2020). IMA is also set 

as a source of marketing employee list as this association is the one of credible marketing 

associations that have a huge number of Indonesian marketing professionals. The sample size 

of this study is calculated by using prior study guidance from Machin et al. (2009). A total of 

300 employees sent their evaluation about technology usability, presenteeism, and 

technostress. However, after preliminary analysis of replies, 38 questionnaires that were filled 

out incompletely need to be withdrawn. Thus, there are 262 (which represents 87.33% 

response rates) valid questionnaires that were classified to be processed into the goodness of 

fit model testing, reliability and (convergent and discriminant) validity testing, and 

Covariance Based Structural Equation Modeling (CB-SEM) analysis.  

 CB-SEM has seen a drastic increase in attention and utilization over the last decade 

(Astrachan et al., 2014). Hair et al. (2014) added that CB-SEM aims to “reproduces the 

covariance matrix (i.e., minimizing the difference between the observed and estimated 
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covariance matrix) without focusing on explained variance”. CB-SEM should be passed and 

followed all the criterion of the goodness of fit models such as absolute fit (which consist of 

chi-square, Root Mean Square Error Approximation-RMSEA, Goodness Fit Index-GFI) and 

incremental fit evaluation (which consist of Adjusted Good of Fit-AGFI, Comparative Fit 

Index-CFI, Tucker Lewis Index-TLI, the degrees of freedom). To be classified as a good fit 

model, Hair et al. (2014) declared that the (cut-off) score of chi-square should be as small as 

possible with RMSEA score that is lower than 0.080, GFI and AGFI score that is higher than 

0.900, the degree of freedom (CMIN/df) value that is lower than ≤ 2.00, TLI and CFI score 

that is higher than 0.950.   

 In this study, the construct was adjusted from several previous studies. While the 

technology usability and presenteeism were adapted from Ayyagari et al. (2011), Tarafdar et 

al. (2014) items, technostress creator factors which consist of techno-complexity, techno-

invasion, techno-overload, techno-insecurity, and techno-uncertainty was measured by Ma & 

Turel (2019) and Marchiori et al. (2018) instruments. However, we opted to remove techno-

uncertainty from the model due to the reason that all questionnaire items from this stressor 

are invalid during the pre-test with 200 respondents. Murray (2006) stated that avoiding 

invalid instruments is the right thing to do in the nature of research as invalid instruments 

produce a biased and troublesome instrumental variable estimator which may be much more 

biased if the omitted variables are correlated with the existing explanators. Figure 1 and 

Table 1 show the research framework and the detailed information of the research instrument. 

Figure 1. Research Framework 

H1a H1c

H1b H2c

H2a H1d

H2b H2d

Techno-Overload 

(TOL)

Techno-Insecurity 

(TIS)

Technology 

Usability (TUS)

Presenteeism 

(PR)

Techno-Complexity 

(TCX)

Techno-Invasion 

(TIN)
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Table 1. Research Instruments 

Variable Code Item 

Technology 

Usability (TUS) 

TUS1 The use of technology makes me finish my tasks more quickly 

TUS2  The use of technology increase the quality of my work 

TUS3  The use of technology makes my job easier to finish 

TUS4  The use of technology enhances my effectiveness on the job. 

Presenteeism 

(PR) 

PRE1 The use of technology enables me to be in touch with others. 

PRE2 The use of ICTs enables me to work from a distance 

Techno-

Complexity 

(TCX) 

TCX1 I do not know enough about technology to address my work 

satisfactorily 

TCX2 I need a long time to understand and use new technologies 

TCX3 I don't have enough time to learn more and catch up with technology 

TCX4 I think the newcomers of this organization know more about 

technology than I do 

TCX5 I often find understanding and using new technologies to be very 

complex 

Techno-Invasion 

(TIN) 

TIN1 I have less time with my family due to the technology used at work 

TIN2 I am in contact with work even during vacation because of the 

technology used at work 

TIN3 I have to sacrifice my vacation time and weekends to keep myself 

up-to-date with new technologies 

TIN4 I feel that the technology used at work invading my personal life  

Techno-Overload 

(TOL) 

TOL1 I am forced to work faster because of the technology used at work 

TOL2 I am forced to work more because of the technology used at work 

TOL3 I am forced to work with very tight schedules because of the 

technology used at work 

TOL4 I was forced to change habit my working time to adapt to new 

technologies 

TOL5 I have a larger workload due to increased technological complexity 

Techno-

Insecurity 

(TIS) 

TIS1 I feel a constant threat to my job security due to new technologies. 

TIS2 I am threatened by coworkers with newer technology skills. 

TIS3 I don't share my knowledge with my coworkers for fear of being 

replaced. 

TIS4 I feel there is a lack of knowledge sharing among coworkers for fear 

of being replaced. 
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Table 2. The Goodness-of-Fit (GoF) Model 

Criteria Output Cut-Off Criteria Decision 

Chi-Square 2.314 Smaller Accepted 

RMSEA 0.000 ≤ 0.08 Accepted 

GFI 0.955 ≥ 0.90 Accepted 

AGFI 0.915 ≥ 0.90 Accepted 

CMIN/DF 0.632 ≤ 2.00 Accepted 

TLI 0.908 ≥ 0.95 Accepted 

CFI 0.978 ≥ 0.95 Accepted 

 Table 2 indicates that indices can be considered acceptable as all the criteria index of GoF 

were met in this study. The results of GoF test show that the value of Chi-Square is 2.314 

with RMSEA of 0.000 (< 0.080), GFI and AGFI value of 0.915 (> 0.900), the degree of 

freedom (CMIN/df) value of 0.632 (< 2.000), TLI and CFI score of 0.908 and 0.978 (> 

0.950). Thus, the measurement model of construct and reliability, convergent and 

discriminant validity was evaluated by using Hair et al. (2014) guidance. Table 4 shows that 

the Cronbach's alpha of the six constructs is above the accepted value of 0.700 (ranged from 

0.801 to 0.853) which means that technology usability, presenteeism, techno-complexity, 

techno-invasion, techno-overload, and techno-insecurity had sufficient reliability. 

Furthermore, this study had adequate convergent validity as the constructs of composite 

reliability and the average variance extracted (AVE) score exceeds the accepted value of 

0.700 and 0.500. While, the composite reliability of all constructs was between 0.811 to 

0.886, each construct's AVE ranging from 0.503 to 0.673. Finally, discriminant validity was 

measure by using the square roots of the AVE for each construct that must be higher than on 

other constructs. Table 3 shows the discriminant validity was met in this study.  

Table 3. Discriminant Validity 

Constructs TUS PRE TCX TIN TOL TIS 

Technology Usability (TUS) 0.892           

Presenteeism (PRE) 0.221 0.830         

Techno-Complexity (TCX) 0.067 0.268 0.738       

Techno-Invasion (TIN) 0.384 0.220 0.188 0.738     

Techno-Overload (TOL) 0.480 0.442 0.118 0.393 0.808   

Techno-Insecurity (TIS) 0.519 0.369 0.077 0.336 0.618 0.812 
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Table 4. Reliability, Convergent Validity, and Average Variance Extracted (AVE) 

Construct/ 

Items 

Loading 

Factor 

Cronbach’s 

Alpha 
AVE 

Composite 

Reliability 

TUS  0.817 0.532 0.886 

 TUS1 0.786    

 TUS2 0.833    

 TUS3 0.781    

 TUS4 0.792    

PRE  0.801 0.643 0.805 

 PRE1 0.793    

 PRE2 0.838    

TCX  0.813 0.673 0.815 

 TCX1 0.795    

 TCX2 0.780    

 TCX3 0.819    

 TCX4 0.795    

 TCX5 0.886    

TIN  0.809 0.503 0.811 

 TIN1 0.714    

 TIN2 0.751    

 TIN3 0.754    

TIN4 0.814    

 TOL  0.856 0.544 0.822 

 TOL1 0.712    

 TOL2 0.754    

 TOL3 0.735    

 TOL4 0.835    

 TOL5 0.811    

TIS  0.853 0.593 0.817 

 TIS1 0.745    

 TIS2 0.803    

 TIS3 0.819    

 TIS4 0.712    
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Result and Discussion 

Table 5. Demographic Profiles 

Demographic Variables Frequency Percentages (%) 

Gender Male 157 55 

 Female 105 45 

Age 21 – 25 42 16 

26 – 30 61 23 

31 – 35 48 19 

36 – 40 35 14 

41 – 45 29 11 

46 – 50 25 10 

> 50 22 7 

Education Senior High School 76 29 

Diploma 73 28 

Bachelor 82 31 

Master 31 12 

Technology 

Usage 

Duration 

1 – 3 Hours 78 30 

4 – 6 Hours 113 43 

7 – 9 Hours 60 23 

> 9 Hours 11 4 

Work 

Experience 

1 – 4 Years 97 37 

4 – 7 Years 82 31 

7 – 10 Years 42 16 

11 – 14 Years 26 10 

> 14 Years 15 6 

 Table 5 of demographic profiles shows that most of the 262 respondents in this study are 

male (55%) and 45% are female. In addition, there was a predominance of respondents with 

ages ranging between 26-30 years (23%) and who have a Bachelor's degree (31%). The 

majority of them also classified that they are new in their recent companies (1-4 years of 

service) and have accessed technology for about 4-6 hours each day for work purposes 

(37%). To summarize, most of the respondents in this study are in productive age with the 

level of technology usages in work that is still considered as normal and reasonable when 

compared to their daily working hours. 
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Table 6. Hypotheses Testing 

Hypotheses Estimates SE CR P Decision 

H1a TUS -> TCX 0.410 0.085 4.846 *** Supported 

H1b TUS -> TIN 0.132 0.070 1.888 0.079 Not Supported 

H1c TUS -> TOL 0.132 0.069 1.910 0.076 Not Supported 

H1d TUS -> TIS 0.182 0.068 2.594 0.013 Supported 

H2a PRE -> TCX -0.300 0.160 -1.876 0.081 Not Supported 

H2b PRE -> TIN -0.155 0.132 -1.178 0.273 Not Supported 

H2c PRE -> TOL -0.355 0.131 -2.720 0.011 Supported 

H2d PRE -> TIS -0.333 0.128 -2.598 0.016 Supported 

Table 6 shows the effect of technology usability (TUS) and presenteeism (PRE) on the 

techno-stress dimension such as techno-complexity (TCX), techno-invasion (TIN), techno-

overload (TOL), techno-insecurity (TIS). As shown in previous studies, the cut-off value for 

hypothesis testing is in the range between the Critical Ratio t-value > 1.96 or <-1.96 at the 

0.05 significant level (Arbuckle, 2010; Hair et al., 2019). The result of hypotheses testing in 

Table 6 shows that the technology usability shows a significant effect on techno-complexity 

of 0.410 (CR = 4.846) and techno insecurity of 0.182 (CR = 2.594), while the effect on 

techno-invasion shows 0.132 (CR = 1.888) and techno-overload of 0.042 (CR = 1.910) which 

indicates insignificant effect. However, the greatest influence is shown by the influence of 

technology usability on the complexity of the technology. Thus, it can be concluded that the 

use of technology by marketing employees can increase their level of anxiety and worries 

about being irrelevant and jobless due to the complexity of technology that was implemented 

by the company. Especially as Geiger & Turley (2006) and Rangarajan et al. (2005) argued 

that marketing people would rather spend most of their time interacting with consumers than 

in front of a computer screen. 

The development of technology is used to simplify work and shorten the time of tasks 

completion of both the operational and managerial levels (the impact of these technological 

developments can be seen in the availability of application that supports with nature "working 

from home” during the COVID-19 pandemic). The findings of this study indicate a positive 

and significant relationship between technology usability and technology complexity. This 

study supports the finding of Hole (2016) that stated that useful systems and information 

technology require more complicated relationship and cross-departmental collaboration. The 

lack of non-virtual meetings, face-to-face meetings, to discuss a job can bring it into a more 
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complex situation and time-consuming (Ayyagari et al., 2011). During a pandemic situation, 

it is difficult to conduct face-to-face meetings among the employees. Therefore, the 

accessibility of a proper technology or application can make works becoming easier. A work 

that previously was only done in the office, it is currently can be done at home during the 

quarantine period. Hole (2016) and Srivastava et al. (2015) added that the resulting 

cumulative work complexity can be reduced when technology is considered capable to 

support job achievement. 

In the second dimension of technological characteristics, the presence of technology 

(presenteeism) shows a negative effect on all techno-stress dimensions. The effect of 

presenteeism on techno-complexity shows an effect of -0.300 (CR = -1.876), and the effect of 

presenteeism on the invasion of technology shows an effect of -0.155 (CR = -1.178) which 

shows an insignificant effect. The effect of presenteeism on techno-overload and techno-

insecurity shows the probability value of -0.355 (CR = -2.720) and -0.333, CR = -2.598) 

which indicates a significant effect. Therefore, it can be concluded that presenteeism can 

significantly reduce techno-overload and techno-insecurity.  

The result of this study contradicts the conclusion of  Galluch et al. (2015), which stated 

the hyper-connectivity will cause massive job demands that often ended in an overload of 

work. The nature of respondent in this study that only uses technology for about 4-6 hours 

each day for work purposes is still considered as normal and reasonable when compared to 

their daily working hours (8-9 hours). During the pandemic situation, the implementation of 

lockdown and social distancing mandates by governments caused the massive adjustment of 

marketing programs. Marketing automation becoming companies' focus in recent days. Thus, 

it will ease the burden of the target performance of each marketing employee. Ayyagari et al. 

(2011) added that the presence of technology could increase work effectiveness and 

efficiencies that resulted in work-life balance (Chandra et al., 2019). It is hoped that the use 

of technology does not only create a balance between the numbers of jobs but also work 

rhythm (Agogo & Hess, 2015).  

Interestingly, this study found the negative effect of technology presenteeism on techno-

insecurity. Many marketing employees still believed that physical meeting remains important 

and cannot be replaced with technology (Gschwandtner, 2011; Tarafdar et al., 2014). The 

challenges that have arisen due to the pandemic (such as lockdowns, social distancing, and 

application of various health protocols), have affected the ways companies run their 

marketing campaign from conventional marketing to technology-based marketing. However, 

the reliance of many marketing programs on technology does not make marketing employees 
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feel threatened by technology. They consider the current radical changes only temporary and 

will last during the pandemic. The results of this study indicate that they will only feel 

insecure when this technology can provide significant benefits to the company. Interestingly, 

marketing employees do not see their connectivity with technology impact on massive 

workloads (even it has reduced their working hours from 8 hours to 4-6 hours per day during 

the pandemic). It indicates that the presence of technology has provided tangible benefits to 

companies. Thus, if this condition is not anticipated properly, the technology-based 

marketing will cause major disruption to many marketeers after the pandemic. 

The presence of technology is expected to provide an effective alternative for workers 

during a pandemic and to enable them to work from home. Table 6 shows the insignificant 

effect of technology's usability on techno-invasion and techno-overload and technology's 

presenteeism on techno-complexity and techno-invasion. This result indicate that techno-

invasion and techno-overload are generally not shared by all members. There may be internal 

communication that reduces techno-overload such as communication support and an increase 

in the technological capacity of the company (Pflügner & Maier, 2019). Companies can 

provide frequent and effective training programs to improve the technical skills of employees 

to reduce employee anxiety (Fuglseth & Sørebø, 2014). A working environment that supports 

both physical and non-physical environments is considered important to reduce technological 

insecurity because adequate support from colleagues and supervisors is proven to reduce 

technological insecurity when employees feel unsafe (Goetz & Boehm, 2020). Also, Califf & 

Brooks (2020) stated that the interaction duration with technology will cause different levels 

of understanding and literacy between an employee that will affect a different level of stress. 

The higher technology connectivity, the higher the level of stress will be. From the 

demographic profile, it is known that the use of technology of 4-6 hours is considered 

sufficient when compared to office regular working hours of 8-9 hours a day. Thus, the study 

indicates a non-significant effect due to lack of time learning on the benefit of using 

technology in the marketing department. Another factor creates such condition is due to 

demands in certain product particularly on electronics and mobile devices increases as people 

is working and learning from home, resulting in lower workloads of marketing employee. 

Conclusion and Suggestion 

This study aims to investigate the associations of technology usability and presenteeism 

on technostress dimensions such as techno-complexity, techno-overload, techno-invasion, 

and techno-insecurity. The result of this study concluded that technology usability has 
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positive influences on techno-complexity and techno-insecurity. While at the same time, the 

negative influences of technology presenteeism (hyper-connectivity) on techno-overload and 

techno-insecurity were also proved in this study. The majority of the respondent in this study 

that uses technology in the normal range (4-6 hours) and the focus of their companies to 

implement marketing automation during the COVID-19 pandemic situations were considered 

as the main reason for the negativity effect between technology presenteeism (hyper-

connectivity) on techno-overload and techno-insecurity. The multi-challenges that have 

arisen due to the pandemic (such as lockdowns, social distancing, and application of various 

health protocols), have affected the changes in the company's marketing strategy from 

conventional marketing to technology-based marketing. However, the reliance of many 

marketing programs on technology does not make marketing employees feel threatened by 

technology. They consider the current radical changes only temporary and will only last 

during the pandemic. The results of this study also indicate that they will only feel insecure 

when this technology can provide significant benefits to the company. Interestingly, 

marketing employees do not see their connectivity with technology impact on excess 

workloads (even it has reduced their working hours from 8 hours to 4-6 hours per day during 

the pandemic). It indicates that the presence of technology has provided tangible benefits to 

companies. Thus, if this condition is not anticipated properly, the technology-based 

marketing will cause major disruption to many marketeers after the pandemic. Future studies 

are encouraged to include individual technology capabilities as one of the technology 

characteristic measurements since the level of technical characteristics can differ between 

individuals. To get a better understanding of techno-stress, demographic profiles (such as 

education level and duration of technology use), organizational culture (knowledge sharing), 

and work environment should also be considered as other stress predictors. 
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