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Abstract 

 
There are several types of health services that provide information about health care facilities, 
such as pharmacies, health centers, clinics, and hospitals. Application of health service facilities 
location is used to facilitate users in reaching the nearest health service facility. The application 
of the health care facilities location has not been optimally used by the user so often. The 
advantage of analyzing the system is to determine its direct and indirect effect on the end-user. 
This research analyzes task technology fit (TTF) of application for the location of health service 
facilities based on measures of end-user satisfaction and knowledge management system 
(KMS). The research began with an exploratory study through interviews with users of health 
service applications. With the results of interviews, the research hypothesis model was built to 
integrate health service applications with the task technology fit model based on end-user 
satisfaction. The results obtained from this study are the impact of the performance of a good application 

system can increase end-user satisfaction in optimizing all the modules that exist in the application. The 
intended system performance is the quality of information presented by the application including the 
location of the health service facility and the accuracy of information needed by the end which affects the 
compatibility of the health service facility application which significantly increase the end-user satisfaction, 
and this will automatically affect the TTF performance for the better. This needs to be responded to so that 
the application continues to be updated in real-time to continue to provide information about the application 

in accordance with the development and needs of end-users.  This linkage shows that the role of task 
technology fit has a good impact on system development that affects system relationships and 
end-user satisfaction in applications. 

  
Keywords: Task technology fit, end-user satisfaction, health services facilities, knowledge 
management system, analysis of application  
  

 
1. Introduction 

Health Service Facilities (Fasyankes) is one of the public facilities that provide services in the 
health sector. Health Service Facility is a tool and / or place used to carry out health service 
efforts, including promotive, preventive, curative, and rehabilitative, conducted by the 
government, local government, and / or the community based on the law of Republik Indonesia 
number 36, regarding health, 2009. There are several types of public health services, such as 
clinics, pharmacies, health centers, hospitals, etc. 

The development of technology has infiltrated all aspects of people's lives, including the health 
aspect. The development of various applications that increasingly facilitate the interests of the 
community, especially in the health sector, continues to be developed, such as the application 
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for locating public health services [1]. The application of the location of health service facilities is 
an application created to facilitate users in reaching the nearest health service facility [2]. 

Usability is a qualitative analysis that determines how easy the user is to use the user interface 
of an application [3]. The design and development of an application by taking into account all 
the needs of the end-user process become a necessity. Therefore the utilization of all modules 
contained in the application to be developed can be maximized [4]. The user interface design 
on the page of an android application is simple but not boring, so users feel comfortable 
interacting with the application page of health service facilities [5]. The functionality and 
effectiveness of using the android application become a magnet to attract users to continue to 
access it [6]. Analysis task technology fit for the application of Android-based health service 
facilities and the modules contained therein will later be processed as material that is reviewed 
in the analysis in order to maximize the performance of application modules and make this 
application more user friendly [7].  

Task technology fit is a model that provides the suitability of an increasingly developed 
technological capability to complete all the tasks needed in a job [8]. The fulfillment of this task 
is the ability of information technology to provide support for each work [9]. The model that is 
used to explore the knowledge management system is task technology fit, with a view to sharing 
knowledge in analyzing the determinants for the impact of knowledge management system 
performance [10]. Task technology fit is widely used to study the characteristics and knowledge 
of users of applications that affect the relationship between task technology fit and the use of 
information systems that refer to the end-user satisfaction measurement parameters [11].  

The problem that often arises when end users use health service facility applications is that they 
are not yet familiar with the modules in the application. The use of the application should be 
optimal by maximizing all modules in the application to find the closest location of the health 
facility where the end-user is located; therefore, they can go directly there with the fastest 
accommodation. Modules created in the health service facilities application are in accordance 
with the usability of the information system, which is made as efficiently as possible with all the 
needs of end-users, easy to remember, and user friendly. By using TTF as the model being 
tested to analyze the application of health facilities, end-user satisfaction is measured through 
the use of all modules contained in the application. Among them is information about the 
location of health services, whether presented with accurate location precision or not, then the 
measurement of end-user satisfaction is also seen from the interaction between end-users and 
application, whether end users can respond well to all information presented on the application, 
and the last is updated information about the number and location of the latest health facilities 
contained in the application of health service facilities. 

Task technology fit places that information technology will only be used if the functions and 
benefits are available to support user activities [12]. Effectiveness is related to the end user's 
success in achieving goals by using a system [13]. Efficiency concerns the smoothness of the 
end-user to achieve these goals [14]. End-user satisfaction is related to the user's acceptance 
of the system [15]. Usability testing is done to evaluate whether an application is in accordance 
with the needs and satisfaction of end-users or not [16]. The environment outside the system 
can make the system work process as a reference for end-user computing [17]. 

Task technology fit is different from the technology acceptance model (TAM), which analyzes 
the behavior of system users who assume that when someone is in a system, they will be free 
to act without any restrictions in the system [18] [19]. Task technology fit analysis has been 
applied in various systems because the correspondence between the characteristics of the task 
and the characteristics of the technology affects the use of technology [20]. While the analysis 
using the technology acceptance model is more emphasized on the usefulness of users, 
perceptions about the use of the system that will improve performance and ease of use, namely 
the user's perception that the system is easy to use [21].  

End-user satisfaction is measured through several parameters, such as the process of 
delivering information from the information source to the recipient [22]. The next parameter is 
the involvement of personnel in the system, running system processes, programs, and devices 
used and systems that use networks for data processing and information exchange [23]. The 
measure of end-user satisfaction is determined by the interaction between the end-user and the 
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computer system, both hardware and software [24]. These two variables determine the 
efficiency of information systems, which have an important impact on end-user satisfaction [25]. 

The difference between this research and previous ones is that this research focuses on 
analyzing the components of task technology fit to the health service facilities application based 
on the satisfaction of end-users. The analysis results are used to utilize and optimize the 
performance of health service applications. The high performance of the application system has 
implications for improving efficiency, improving effectiveness, and improving system quality [26].  

 
 
2. Research Method 

The analytical method uses the task technology fit model, which is oriented towards the end-
user satisfaction of health service facility applications. Figure 1 shows that the study began with 
an assessment of the application of health service facilities used by end-users to find out the 
closest health services to where the user is located. Inputs for analysis using TTF in this study 
were the results of questionnaire respondents’assessments of health service facility applications 
to find out the end user’s assessment of the application, how the end-user responds to the 
information presented by the application. Then the results of the questionnaire are used to draw 
a common thread on the problems faced by end-users when using the application. The first 
stage is identifying problems faced by end-users in the use of health service facility applications. 
Problems that may arise related to information on the location of the health service facility 
closest to where the end-user is located. Because of the urgency of the needs of the end-users 
situation must get a quick response and as soon as possible. The next step of collecting data 
that supports this research is followed by analyzing the TTF model, starting with the intensity of 
the use of health service facility applications by end-users [27]. The data in question is data 
about the location of health service facilities and types of health facilities. Data is collected and 
processed using variables to analyze the effect of task technology fit on the application. 
Analyzing the ease of use of applications by end-users and modules used by each end-user is 
the next stage; therefore collected data analysis can be used to make decisions about the 
results of this study, namely the effectiveness and the quality improvement of application of 
health service facilities [24]. The results of data processing are used to improve the 
performance of existing modules in the application with the ultimate goal of end-user 
satisfaction. 

 

 
 

Figure 1. Research Methodology 
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This study analyzes the relationship between hypotheses that significant and positively impact 
the perception of TTF that supports the usefulness of health service facilities in accordance with 
the perception of ease and satisfaction of end-users [9]. The hypothesis that is developed later 
is the relationship between task characteristics and technology characteristics, which together 
affect the task technology fit [27]. Whereas task technology fit influences outcome variables, 
namely impact performance and utilization [28]. The analysis of task technology fit makes sure 
that the information of technology to be used only if the functions and benefits are available to 
support user activities [13]. 
 
 
Relationship between TTF with task characteristics and technology characteristics  

The compatibility between task technology fit with task characteristics and technology 
characteristics is that technology provides excellence, advice, and support needed to finish a 
job that it supports. Suitable technology will improve performance because the technology will 
help the work to be completed quicker, faster, easier, and better [29]. 

Based on the above studies, it can be concluded that the perceived ease of use of the system is 
significantly influenced by the task characteristics and technology characteristics of the task 
technology fit symbolized by H1 and H2. 
 
H1: Perceived ease of user system where the system is in accordance 

with the TTF that significantly influenced by task characteristics. 

H2: Perceived ease of user system where the system is in accordance 

with the TTF that significantly influenced by technology 

characteristics. 

 
Relationship between knowledge sharing intention with system utilization and task 
technology fit  

Utilization of computer systems/applications by end-users who have knowledge of the 
environment that they can choose will be influenced by individual feelings (affect) on the use of 
computers/smartphones, social norms (social norms) in the workplace that notice the use of 
hardware, habits (habit) related to the use of hardware, the hardware users expectations of 
individual consequences (consequences), and facilitating conditions in a conducive environment 
[12]. 

H3 and H4 represent hypotheses about the intensity of the end user’s knowledge sharing on the 
use of the system they are using and its effect on systems that are in accordance with the task 
technology fit model. 

 

H3: Perceived ease of use system where the system is in accordance 

with the TTF that significantly influenced by the intention of sharing 

knowledge between users. 

H4: Perceived ease of system users where the utilization of the system 

is significantly influenced by the intention of sharing knowledge 

between system users. 

 

Relationship between TTF with performance impact and system utilization 

The suitability between the uses of information systems with the modules needed in completing 
a task, in accordance with the TTF model, significantly affects the performance of end-user [30]. 
While the mismatch between required task and systems features in terms of data representation 
will affect the slow performance in decision making [26], based on the above hypothesis, it can 
be symbolized by H5 and H6 as follows: 

 
H5: Perceived ease of user system in system utilization is influenced 

by perceived task technology fit. 

H6: Perceived ease of user system that affects the impact of system 

performance is felt significantly influenced by task technology fit 

according to system perception. 
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Relationship between system utilization and impact performance 

Utilization of the existing modules in the system/application to the maximum will affect the 
performance impact by end-users . The better the system is created by adjusting the task 
technology fit model, the more the end-user feels helped by the application and the higher 
automatic increase of significant effect on the performance impact [29]. The relationship 
between system utilization and the performance impact is symbolized by H7: 

 
H7: Perceived ease of use of a system that influences the impact of 

system performance is significantly influenced by system utilization. 

 

Relationship between knowledge sharing intention and impact performance 

The intensity of sharing knowledge between users will significantly affect the impact of system 
performance [24]. The attitude of users who are influenced by social norms and other situational 
factors and share their knowledge leads to system utilization and has a positive impact on 
individual performance [22]. Based on the information's above, the hypotheses that can be 
made are symbolized by H8: 

 
H8: Perceived user convenience where the impact of system performance 

will be significantly affected by the intention of sharing knowledge 

between users. 

 

Figure 2 explains the relationship between hypotheses 1 (symbolized with H1) to hypothesis 8 
(symbolized by H8). The first hypothesis H1 and the second hypothesis H2 states the 
relationship that characteristics of the task and characteristics of the technology significantly 
influence TTF. Then third hypothesis H3 and fourth hypothesis H4 states the relationship that 
the intention to share knowledge by users significantly influences the task technology fit and 
system utilization. The fifth hypothesis H5 and the sixth hypothesis H6 explain the relationship 
between TTF with performance impact and system utilization, where the perception of user 
convenience regarding system utilization and impact performance is influenced by task 
technology fit according to system perception. The seventh hypothesis, symbolized by H7, 
explains that the impact of system performance is significantly affected by system utilization. 
And the future hypothesis of H8 explains the relationship between knowledge sharing intention 
and impact performance. Significantly the impact of system performance is influenced by the 
perception of user convenience in terms of sharing knowledge between system users. 
 

 
 

Figure 2. The Graphical Model and Hypotheses 
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Figure 2 explains the relationship between hypothesis 1 to hypothesis 8 with each of the 
variables used and analyzed on the task technology fit. While figure 3 explains the process of 
task technology fit analysis of the object of research, namely the application of health service 
facilities. The relationship between figure 2 and figure 3 is defining the hypothesis used to 
analyze the task technology fit and then implementing the hypothesis with the variable being 
analyzed for the object, namely the application of health service facilities.  

Figure 3 explains the analysis process using task technology fit. This study involved 132 
respondents as users of health service facility applications, which are categorized based on the 
level of active users, advanced and beginners who will later be used as evaluators in testing 
based on the satisfaction of end-users. Grouping respondents only consider differences from 
respondents' experience in using android-based communication tools that are beginners and 
proficient, while the division of groups based on other demographic data such as gender, age, 
education level, and profession is not concluded [16]. The analysis begins with measuring the 
intensity of the use of health service facility applications by end-users, the characteristics of the 
end-user itself in using the application, and the characteristics of the technology used in the 
process of making the application based on the needs of the end-user. The next step is 
analyzing the easy use of applications by end-users and the modules used by each end-user [8] 
and the measurement of application usability to support end-user activities related to application 
performance and task technology fit analysis results on health service facility application 
performance. Feedback from performance impacts will be used to improve the modules in the 
application [11]. 

 

 
 

Figure 3. Task technology fit analysis for Fasyankes application  
 

3. Results and Analysis 

Data in this study were obtained through a questionnaire of 132 respondents. Table 1 shows 
the demographic characteristics of the respondents where respondents were grouped into 
several categories such as gender, age, education, and occupation. Grouping by gender, most 
respondents are female, with a percentage of 52.3% and male respondents as much as 47.7%. 
The grouping of respondents by age shows that the age of most respondents is between 20 
years to 35 years with a percentage of 43.2%, respondents with an age range between 35 
years to 45 years 23.5%, respondents under the age of 20 years are 17.4% and respondents 
over the age of 45 years are 15.9%. 
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Classification of respondents by education level shows the data of respondents with 
undergraduate education level with a percentage of 47%, high school education level with a 
percentage of 30.3%, respondents with master's education level as much as 17.4% and 
respondents with post-doctoral education level as much as 5.3%. 

The last grouping of respondents is based on their work. This data shows that most 
respondents with a percentage of 40.1% are students, respondents with a percentage of 37.1% 
as workers from various sectors, and 22.8% are respondents with jobs as entrepreneurs, 
freelancers and unemployed. 

 
 
 

Table 1. Characteristics of Respondents 

 
This study used SEM (Structural Equation Modeling) for the calculation technique to validate the 
task technology fit model. Data analysis techniques using SEM are performed to thoroughly 
explain the relationships between variables used in research [31][32]. SEM is used to examining 
and validating a model, not to design a theory [33][34], wherein this study, the validated model 
is task technology fit. Therefore, the main requirement to use SEM is to build a hypothetical 
model that consists of structural models and measurement models in the form of path charts 
that are adjusted to the justification of the theory [35][36]. Structural Equation Modeling can be 
used as a series of relationships simultaneously, which makes it possible to use a collection of 
statistical techniques [37][38]. The relationship is built between one or several independent and 
dependent variables [39][40]. Analysis of the model in this study is based on Partial Least 
Square (PLS) is a statistical calculation that provides an outcome in the form of Path 
coefficients, T-Value, and R2. PLS is a type of statistical analysis with SEM-like benefits, 
therefore, the basic framework in PLS is based on linear regression [8][41]. Respondent data is 
processed using PLS because PLS characteristics are easier to modify with other models and 
more flexible to any changes in the model once the model is finished. The data population used 
also supports the use of PLS because, during observational data withdrawal or interviews 
process, there may be an error when the respondent fills in the questionnaire. The error is not 
ignored but still analyzed because there are some respondents who fill in the questionnaire 
according to the perception instead of the provision. The characteristics of the data used are 
respondents who fill in a random questionnaire and are selected from a variety of educational 
backgrounds, age, occupation and gender, either women or men. It is intended that users of the 
health service facility application can come from various ages, education, occupations since 
health problems are quite urgent matter. 

Table 2 and Figure 4 explain the results of the measurement of variables that show the average 
value of the data of respondents who have filled out the questionnaire. After the calculation, the 

Items Type Frekuensi Percent (%) 

Gender Male 63 47.7 

  Female 69 52.3 

Age  Under 20 23 17.4 

 

20-35 57 43.2 

 

35-45 31 23.5 

  Above 45 21 15.9 

Education High School 40 30.3 

 

Bachelor 62 47 

 

Master 24 17.4 

 

Ph.D 7 5.3 

Occupation Student 54 40.1 

 

Worker 49 37.1 

  Others 29 22.8 



83 
 

path coefficient value, T-value, and R2 values are known. The R2 value represents the 
independent variable that explains the variation in the dependent variable. Analysis using partial 
least square showed the highest R2 value on the performance impact variable on TTF and the 
lowest R2 value on the system utilization variable on TTF, all R2 values obtained and compared 
between R2 values in the first variable to R2 values in the last variable can be seen in table 2. 
The value of R2 indicates that the task model technology fit explains the variation in impact 
performance to be quite significant, a set of task technology fit models at a lower level that is the 
variable characteristics of the task to TTF is still quite large influence. The next variable with a 
smaller R2 value that is knowledge sharing intention on system utilization is still quite significant 
influence; even on the performance impact of the influence of knowledge sharing intention is as 
significant. The next variable successive is system utilization to impact performance with R2 
value of 0.177, knowledge sharing intention variable to task technology fit of 0.131, technology 
characteristic variable to task technology fit of 0.129. The lowest is system utilization variable to 
task technology fit, with R2 value is only 0.072. This result shows that the influence of the TTF 
model on system utilization is not significant enough. 

 
Table 2. Descriptive Statistics of Research Variables 

Variable  Average 

Path 

Koefisien T-Value R2 

Task Characteristics to Task 

Technology Fit 20.57 0.095 13.632 0.308 

Technology Characteristics to 

Task Technology Fit 21.14 0.017 2.207 0.129 

Task Technology Fit to Performa 

Impact 20.64 0.117 17.204 0.342 

System Utilization to Performa 

Impact 20.95 0.031 4.196 0.177 

Knowledge Sharing Intention to 

Task Technology Fit 21.22 0.017 2.269 0.131 

Task Technology Fit to System 

Utilization 17.25 0.005 0.678 0.072 

Knowledge Sharing Intention to 

System Utilization 20.96 0.089 12.66 0.298 

Knowledge Sharing Intention to 

Performa Impact 20.99 0.035 4.668 0.186 

 
Recommended that T-Value >= 2,200 with significance level of p > 0.01 [8] 
 

 
 

Figure 4. Values of Path Koefisien and R
2 
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Figure 5 shows the value of the highest T-Value on the task technology fit to performance 
impact variable, which means that the TTF model has a significant influence on the impact of 
system performance. Then at a lower level, the T-Value is sequentially on the task 
characteristics variable, where the implementation of the TTF model has a significant effect with 
a T-Value of 13,632. Then the T-Value value of the knowledge sharing intention variable 
towards system utilization is 12.66, which means that knowledge sharing intention influences 
the system utilization. Furthermore, the system performance impact variable is influenced by 
knowledge sharing intention with a T-value of 4.668. The variable performance of system 
performance is influenced by the utilization of the system with a value of T-Value 4.196. TTF 
model has a significant effect on the variable knowledge sharing intention with a T-Value of 
2,269, while on technology characteristics, the T-Value value is 2,207. The lowest T-Value in 
the task technology fit variable against system utilization with a T-Value of 0.678 means the task 
technology fit model has no effect on system utilization.  

 

 
 

Figure 5. T-Value values of all variables 
 

The results obtained by analyzing the satisfaction of end-user of health service facilities 
applications using task technology fit our end-users assisted with all modules in the application 
so that application utilization is optimal in showing the location of health service facilities 
required by end-users. While for health service facilities, application, the results of the analysis 
using  TTF function to improve application performance.   
 

4. Conclusion 

This research proves that implementation of the TTF model that is applied has a significant 
effect on a number of variables by conducting a linear regression test using partial least square 
analysis that provides outputs in the form of path coefficient, T-Value and R2 values such as 
several studies that have been conducted by [11] [9] [12] which proves that the implementation 
of the task technology fit model will significantly affect the variables involved. The first 
hypothesis is task characteristics on task technology fit; the resulting path coefficient value is 
0.095, which means that the effect of task technology fit on task characteristics is quite 
significant. The second hypothesis with the symbol H2 is technology characteristics to task 
technology fit with a path coefficient value of 0.017. This value means that the effect of applying 
the TTF model to technology characteristics is significant. Variable with the highest path 
coefficient value of 0.117 is hypothesis 3 symbolized by H3, which is the influence of the task 
technology fit model on the impact of system performance. The path coefficient results conclude 
that the applied task technology fit model has a significant effect on impact performance. The 
fourth hypothesis is the system utilization of impact performance with a path coefficient value of 
0.031, which means that the increased utilization of the system will also increase the impact 
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performance. The next hypothesis is knowledge sharing intention on TTF. The path coefficient 
value is 0.017, which indicates a significant influence on the implementation of the TTF model 
on knowledge sharing intention. The sixth hypothesis with the symbol H6 is task technology fit 
to system utilization. The application of the task technology fit model to system utilization does 
not have a significant effect because of the linear regression test results in a path coefficient 
value of 0.005 smaller than 0.01. It means that the effect of task technology fit on system 
utilization is not quite significant, and system utilization is not directly affected by the application 
of task technology fit. This is in accordance with research conducted by [8]. The next hypothesis 
H7 is knowledge sharing intention towards system utilization with a path coefficient value of 
0.089, which means that the better the sharing of knowledge between users, the better the 
utilization of the system. And the last hypothesis is H8, the knowledge sharing intention variable 
on the impact performance with a path coefficient value of 0.039. This value indicates that the 
better the impact performance is influenced by, the higher knowledge sharing intention. The 
results obtained from the conclusions of all the above hypotheses that the TTF analysis of 
health service facility applications which have been tested using several variables proves that 
the impact of the performance of a good health service facility application system can increase 
the satisfaction of end-users in optimizing all modules in the application. The results of the 
analysis are also used for the utilization and improvement of the performance of health service 
facility applications, so it can be better in the future. The quality of accurate information and the 
location of high-precision health service facilities in the application affect system compatibility, 
which significantly increases end-user satisfaction and automatically influences better TTF 
performance. Of all respondents who filled out the questionnaire, ninety-three percent 
expressed satisfaction because they precisely knew the location of health facilities and were 
satisfied with all the information contained in the application. 
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