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Abstract

In this paper, we introduce the concepts of upper and lower rough hyper
fuzzy ideals (filters) in a hyperlattice and their basic properties are discussed.
Let 6 be a hyper congruence relation on L. We show that if y is a fuzzy
subset of L, then (< p >) = 0(< O(u) >) and O(p*) = 0((O(n))*),
where < p > is the least hyper fuzzy ideal of L containing p and

w*(z) = sup{a € [0,1] : x € I(ua)}

for all z € L. Next, we prove that if p is a hyper fuzzy ideal of L, then
w1 is an upper rough fuzzy ideal. Also, if 6 is a A—complete on L and p
is a hyper fuzzy prime ideal of L such that 6(yu) is a proper fuzzy subset
of L, then y is an upper rough fuzzy prime ideal. Furthermore, let 6 be a
V-complete congruence relation on L. If y is a hyper fuzzy ideal, then p is a
lower rough fuzzy ideal and if p is a hyper fuzzy prime ideal such that 6(1)
is a proper fuzzy subset of L, then p is a lower rough fuzzy prime ideal.
Keywords: rough set, upper and lower approximations, hyperlattice, hyper
fuzzy prime ideal, hyper fuzzy prime filter.

2010 AMS subject classifications: 03G10, 03E72, 46H10, 06D50, 08A72.

*Faculty of Mathematics and Computer Sciences, Hakim Sabzevari University, Sabzevar, Iran.
aaestaji @hsu.ac.ir

TFaculty of Mathematics and Computer Sciences, Hakim Sabzevari University, Sabzevar,
Iran.fereshte.bayati @yahoo.com

15



A. A. Estaji and F. Bayati

1 Introduction

In this paper, we are using three basic notions: hyperlattice, rough set and
fuzzy subset. Hyperstructure theory was born in 1934 when Marty [14] defined
hypergroups as a generalization of groups. Extending lattices (also called hyper-
lattices) have been recently studied by a number of authors, in particular, Koguep,
Nkuimi and Lele [12], Feng and Zou [8], Guo and Xin [9], Rahnamai-Barghi [19],
etc.

Rough set theory was introduced by Pawlak in 1982 [17]. Many authors have
studied the general properties of generalized rough sets [1, 4, 5].

The concept of fuzzy subsets was first introduced by Zadeh [22] in 1965 and
then the fuzzy subsets have been used in the reconsideration of classical math-
ematics. The relationships between fuzzy subsets and algebraic hyperstructures
had been already considered by many researchers (for example [2, 21]). Also,
there have been many papers studying the connections and differences of fuzzy
subset theory and rough set theory [3, 15, 18]. In recent years, many efforts have
been made to compare and combine the three theories [6, 7].

This paper is structured as follows. After the introduction, in Section 2, we
recall some basic notions and results on hyperlattices, rough sets and fuzzy sub-
sets. In Section 3, the notions of hyper congruence relation on a hyperlattice are
introduced. Next, some important properties of #-upper approximations of a fuzzy
subset will be studied. Also by an example, we show that Theorem 2.15 in [12]
is incorrect (see Example 3.20) and a corrected version is considered, Proposi-
tion 3.21. Finally, in Section 4, §-lower approximations of a fuzzy subset on a
hyperlattice will be studied.

2 Preliminaries of hyperlattices, rough sets and fuzzy
subsets

In the remainder of the paper we use some notation and results from the theory
of hyperlattices, rough sets and fuzzy subsets. We present a few basic definitions
here.

Let L be a set partially ordered by the binary relation <. The poset (L, <) is a
meet-semilattice if for all elements x and y of L, the greatest lower bound or the
meet of the set {x, y}, denoted by x A y, exists. For z and y in a meet-semilattice
Lix<y&sx=zANy.

Replacing greatest lower bound with least upper bound results in the dual
concept of a join-semilattice. The least upper bound of {z, y} is called the join of
x and y and is denoted by x VV y. A poset L is a lattice if and only if it is both a
meet- and a join-semilattice.
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In this paper, we use the following notion of a hyperlattice.

Let L be a non-empty meet-semilattice and V : L x L — P(L)* be a hyper-
operation, where P (L) is the power set of L and P(L)* = P(L) \ {0}. Then
(L, A, V) is a hyperlattice [19], if for all a, b, c € L:

l.a€aVaanda =aAa.
2.aVb=bVaandaANb=>bAa.

3. (avb)Ve=aV(bVec)and (aAD)Ac=aA (bAc).
4. acfaNn(aVbd)]NlaV(aAb).
S5.a€aVbsanb=0.

Where for all non-empty subsets A and B of L, AAB = {aAbla € A,b € B},
AV B=J{aVblaec Abe B}.

Throughout this paper, L is a hyperlattice with the least element 0 and the
greatest element 1. For X C L and x € L we write:

. ] X={yeL:y<uzforsomezxec X}.

2.1 X={yeL:y>xforsomexc X}.
3. Lz =] {z}.
4. 1t x =1 {z}.

A pair (L, 6), where 0 is an equivalence relation on L, is called an approxima-
tion space [17] and for a € L, the equivalence class (or coset) of a modulo 6 is
the set [a]yp = {z € L|(a,z) € 0} and also for A C L, we put [A]y = |, 4[als.

For an approximation space (L, #), by an upper rough approximation in (L, 0)
we mean a mapping Apr : P(L) — P(L) which is defined for every X € P(L)
by

Apr(X)={a € L:[algN X # 0}.
Also, by a lower rough approximation in (L, §) we mean a mapping Apr : P(L) —
P(L) defined for every X € P(L) by

Apr(X) ={a € L:a]s C X}.

Then Apr(X) = (Apr(X), Apr(X)) is called a rough subset in (L, ) if Apr(X) #
Apr(X). The following proposition is well known and easily seen.
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Proposition 2.1. Let (L, 0) be an approximation space. For every subsets X,Y C
L, we have

1. Apr(X) C X C Apr(X).

2. If X CY, then Apr(X) C Apr(Y) and Apr(X) C Apr(Y).

~

pr

3. Apr(XUY) = Apr(X)UApr(Y) and Apr(X NY) C Apr(X) N Apr(Y).

4. Apr(XNY) = Apr(X)n Apr(Y) and Apr(X UY) D Apr(X)U Apr(Y).
5. Apr (Apr(X)) = Apr(X) and Apr (Apr(X)) = Apr(X).

Proof. See [13]. O

Proposition 2.2. [12] Let (L,V, \) be a hyperlattice.Then, for each pair (a,b) €
L X L there exist a;,by € a Vb, such that a < a, and b < b.

Definition 2.3. [19] A nonempty subset J of L is called an ideal of L if for all
x,y €L

1. z,y € Jimpliesxz Vy C J.
2. Ifx € J,then | x C J.

Definition 2.4. [19] A nonempty subset F' of L is called a filter of L if for all
r,y €L

1. z,y € F'impliesz ANy € F.
2. fz e Fandx < y,theny € F.

Given a hyperlattice L and a set X C L, let I(X') denote the least ideal con-
taining X, called the ideal generated by X.

A fuzzy subset of X is any function from X into [0, 1]. Let F(L) be the set of
all fuzzy subsets of L. For u, A € F(X), we say u C Xif and only if u(x) < A(x)
forall z € X.

Definition 2.5. [12] Let i be a fuzzy subset of L. Then

1. wis a hyper fuzzy ideal of L if, for all x,y € L,

@ Aoy (@) = p(z) A p(y).
(b) = <y= pu(x) > py).
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2. wis a hyper fuzzy filter of L if, forall x,y € L,
@ plxAy) = ple) A py).
(b) v <y = p(z) < puy)
Definition 2.6. [12] Let 1 be a proper hyper fuzzy ideal of L.

1. w is called a hyper fuzzy prime ideal, if pu(x A y) < p(x) VvV u(y), for all
x,y € L.

2. pis called a hyper fuzzy prime filter, it \ ..., 11(a) < p(x) V p(y), for all
x,y € L.

Definition 2.7. [6] Let 6 be an equivalence relation on L and 1 a fuzzy subset of
L. Then we define the fuzzy subsets 6(u) and 6(u) as follows:

B)(x) = \/ o) and 60) () = A\ ).
a€lz]g a€lz]g

The fuzzy subsets 6(1) and () are, respectively, called the 0-upper and 6-lower
approximation of the fuzzy subset i. Then 0(p) = (8(n), 0(p)) is called a rough
fuzzy subset with respect to p if 0(p) # ().

Proposition 2.8. [6] Let 0 be an equivalence relation on L and i, A € F(L).

Then
L 0(p) < pu < 0(p).
2. If ip C A, then 0(p) < O(X) and 6(11) < 0(\)

3. 00(u) = 0(1) and 80(y) = 6(p)-

4. 0(p)(x) = 0(w)(a) and O(p)(z) = 0(p)(a), for all x € L and a € [x],.
5. 00(p) = 0() and 86(p1) = O(p).

The proofs of the following propositions are straightforward.

Proposition 2.9. Let 6 be an equivalence relation on set A. Then the following
statements hold:

1. Foreach X € P(A),
Apr(X) = {Y € P(A): X C Apr(Y)} = Min{Y € P(A) : X C Apr(¥)}.
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2. Foreach X € P(A),

Apr(X) = J{v e P(L) : Apr(Y) € X} = Max{Y € P(L) : Apr(Y) C X}.
Proposition 2.10. Let 0 be an equivalence relation on set A. Then the following
statements hold:

1. Foreach i € F(A),

0(1) = \{r € F(A) 1 0(\) > u} = Min{\ € F(A) : 0()) >}
2. Foreach p € F(A),

O(n) = \/{ e F(L):0(\) < p} =Max{\ € F(L): 0(\) < p} .

3 Upper approximations of a fuzzy subset

In this section we give some important properties of # with many examples,
starting with the following definition.

Definition 3.1. [16, 20] Let 6 be an equivalence relation on a hyperlattice L. Then
0 is called a hyper congruence relation if (a,b) € 6 implies that (a\Vx) x (bVzx) C
fand (a ANz,bAx) € fforallz € L.

It is clear that if L is a hyperlattice L and § = L x L, then 6 is a hyper
congruence relation. Also, in Example 3.9, we’ll provide a non-trivial example.

Lemma 3.2. Let 0 be a hyper congruence relation on L. Then, for every a, b, c,d €
L,

1. If (a,b) € 8 and (c,d) € 0, then (a Nc,bAd) € O and (aV c) x (bVd) C 6.
2. [CL]@ V [b]g Q [CL V b]g
3. [a]g A [b]g - [Cl N b]g

Proof. Evident.
O

Proposition 3.3. Let 0 be an equivalence relation on L and X C L. If u € F(L)
is a hyper fuzzy ideal of L, then

1. u(4 X) S p(X).
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u(t X) Sl pu(X).
u(Apr(L X)) Ct p(Apr(X)).
n(Apr(t X)) I u(Apr(X)).

5. 0(p)(Apr(1 X)) ST 0(u)(X).

Proof. (1) Let a €] X. Then there exists x € X such that a < z. Since pu is
a hyper fuzzy ideal, we conclude that p(z) < p(a) which implies that p(a) €1
1(X) and the proof is now complete.

(2) The proof is similar to the proof of (1).

(3) For each X C L, since | Apr(X) = Apr(} X) =] Apr({ X), we can
then conclude from (1) that p(Apr(] X)) €1 u(Apr(X)).

(4) For each X C L, we have T Apr(X) = Apr(1 X) =1 Apr(1 X). By (2),
u(Apr(t X)) €l p(Apr(X)).

(5) Since O(u)(Apr(] X)) = 0(n)(} X), we can then conclude from (1) that
0(1) (Apr(L X)) St ()(X). 0

Proposition 3.4. Let 0 be a hyper congruence relation on L and x,y € L. If
w € F(L) is a hyper fuzzy ideal of L, then

\/ \/,ua\/b <\/0 (x Vy).

a€lz]g,bE[ylo

Proof. By Lemma 3.2,

Vaelap ety V@V D) < Vo, 1(2)
- vzeUaesz[a]G M(Z)
- \/aex\/y yzE[a]g ,u(z)
= Vaeavy 0(1)(a)
= Vo(u)(zVvy).
0

Lemma 3.5. Let 0 be a hyper congruence relationon Land x,y € L. If p € F (L)
is a hyper fuzzy filter of L, then 0(1)(x A y) =V ye (), befy), Ha A D).

Proof: By Lemma 3.2, \/ ¢, bepg, 1@ A D) <V ocpony, #(2) = 0(p)(z A y).
Now, assume that z € [z A y|p. By Lemma 3.2, (zV 2) x {z} C (x V 2) X (z V
(xAy)) COand (yVz)x{y} C (yVz)x(yV(xAy)) C 6. Also, by Proposition
2.2, there exist 2, € z V z and z, € y V z such that 2 < z, and z < 2,. Since
z < z,; Az, and p is a hyper fuzzy filter of L, we conclude that () < p(z; A zy).
Therefore, 0(1)(2 A y) =V ciunyg, M%) < Vel vepy, #(@ A b) and the proof is
now complete. O

21



A. A. Estaji and F. Bayati

Definition 3.6. Let ¢ be an equivalence relation on L and y € F(L). Then, f is
called an upper rough fuzzy (prime) filter if 6(p) is a hyper fuzzy (prime) filter of
L.

Proposition 3.7. Let 0 be a hyper congruence relation on L. If p € F(L) is a
hyper fuzzy filter, then yi is an upper rough fuzzy filter.

Proof. Letx,y € Landz < y.If z € [z]p, then (z,2) € fand (2 Vy) X (xVy) C
6. Since y € x V y, we conclude that (z V y) x {y} C 6. Also, by Proposition
2.2, there exists z; € z V y such that z < 2y, and so u(z) < u(z1) < \/ p(z Vy).

Therefore, B
0(1)(@) = Ve, #(2)
< Ve, V(2 Vy)
< yte[y]e p(t)
= 0(u)(y).
Now, If x,y € L, then
0@ ANY) = Vel e, HaAD) by Lemma 3.5
> Vel el #(@) A p(b) s a hyper fuzzy filter
= Vael)y (a_ A \/be[y Q)
= 0(u)(x) A O(1)(y)-
Hence 0(p) is a hyper fuzzy filter. O

Example 3.8. Let L = {0,a,b, ¢, d, 1} and define A and V by the following Cay-
ley tables:

A0 a b c d 1 Vi 0 a b c d 1
0/j0 00 O0O0O 01]{0} {a} {0} {c} {d} {1}
al0 a a a a a a|{a} {a} {0} {c} {d} {1}
b0 a b a b b b|{b} {b} {b} {d} {d} {1}
c|0 a ac c c cl{c} {c} {d} {c} {4} {1}
d|0 a b c dd d|{d} {d} {d} {d} {d} {1}
110 a b ¢ d 1 L {1}y {1} {1} {1} {1} {d.1}

It is easy to see that the operations A and V on L are well-defined and L is a
hyperlattice. Let 6 be an equivalence relation on the lattice L with the following
equivalence classes: [0]p = {0,a,b}; [d]yp = {d}; [c]o = {c}; [1]p = {1}. Ttis
clear that 6 is not a hyper congruence relation on the lattice L. If

(0 a b ¢ d 1
=\ 01 02 07 02 07 09 )’
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then p is a hyper fuzzy filter and

@( )_ 0 a b c d 1
W=\ 07 07 07 02 07 09 )

Since 0 < cand §(u)(0) = 0.7 £ 0.2 = 6(u)(c), we conclude that §(y) is not a
hyper fuzzy filter.

Example 3.9. Let the hyperlattice L be as in example 3.8. Let # be an equivalence
relation on the lattice L with the following equivalence classes: [0}, = {0} and
[1]p = {a, b, c,d, 1}. It is clear that 6 is a hyper congruence relation on the lattice
L.

Lemma 3.10. Let 0 be a hyper congruence relation on L and x,y € L.Then

1. Ifa € [z]g and b € [ylg, then [a]g = [Blg for every a € [z V ylo and
B € laV b

2. If wis a fuzzy subset of L, then \/ ,c i1, ve iy, Nocavo M(Z) < Nocavy A(u)(2).

Proof. (1) Let @ € [x V ylg and 5 € [a V b]p. Then, by Lemma 3.2, (o, 3) €
(aVb) x (zVy) C4b,it follows that [a]y = [F]o.

(2) By statement (1), we have pu(2) < Vo, #(d) = Vyepy, 1#(d) for ev-
ery z € aVband 2 € zVy. Hence pu(z) < N covy Vaep), 1(d) for every
z € aVb. Therefore A\ .., 11(2) < A, cpvy Ve, #(d), which follows that

Vaetalobesls Necavs 12) < Nzeavy (1) (2). O

Lemma 3.11. Let 0 be a hyper congruence relation on L and x,y € L. If pis a
hyper fuzzy ideal of L and x < vy, then 6(p)(z) = \/ae[m]g’be[y]e wu(a A D).

Proof. Ttisclearthat {a Ab:a € [z]g,b € [ylp} C [x]s. Therefore,

\V  wand) <\ pa).

a€lz]g,bEylo a€lz]y

Now, we suppose that @ € [z]y. Then a A y € [z]y and since p is a hyper fuzzy
ideal of L, we conclude that 1(a) < p(a A y). Therefore

0)(@) = V,ep, ula)
S \/ae[l’]g /L(a A y)
< Voo pey @A D)-
HCI’ICC g(lll) (1’) - \/ae[x]g,bé[y]g M(a /\ b). D
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Definition 3.12. Let ¢ be an equivalence relation on L and p € F(L). Then, p1 is
called an upper rough fuzzy (prime) ideal if 0(p) is a hyper fuzzy (prime) ideal of
L.

Proposition 3.13. Let 0 be a hyper congruence relation on L. If i is a hyper fuzzy
ideal of L, then i is an upper rough fuzzy ideal.

Proof. Letx,y € L. Then

B(1) () AB(W) = Vaeryy 1(@) A Viery 100)
\/ae[x}g,be[y]@ :u(a> A H’(b)
Vae[x}e,b_e[y]@ N.cavs 11(2) w1 is a hyper fuzzy ideal of L

/\zez\/y 0(p)(2) by Lemma 3.10.

IN A I

Now, we suppose that 2,y € L and x < y. Hence

O(p)(x) Vaclalypel), (@ AD) by Lemma 3.11

Vacaly veigs #(0) L is a hyper fuzzy ideal of L
0(1)(y)-

v

]

Example 3.14. Let the hyperlattice L and the equivalence relation 6 on L be as in
example 3.8. If

- 0 a b c d 1
=\ 03 03 02 03 02 01 )’

then p is a hyper fuzzy ideal and

5( )_ 0 a b c d 1
=103 03 03 03 02 01 /"

Since A,y 0(1)(x) = 0.2 # 0.3 = 0(p) (b) A 0(p)(c), we conclude that O(p) is
not a hyper fuzzy ideal.

Definition 3.15. Let 0 be a hyper congruence relation on L. Then 6 is called V-
complete if [a\/ by = [a]y V [b]y for all a, b € L. Likewise, 0 is called A—complete
if [a A blg = [alg A [b]g for all a,b € L. A hyper congruence relation on L which
is both V-complete and A—complete is called complete.

Proposition 3.16. Let 0 be a N—complete on L. If i € F(L) is a hyper fuzzy
prime ideal of L such that 0(p) is a proper fuzzy subset of L, then y is an upper
rough fuzzy prime ideal.
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Proof. If x,y € L, then

6(M> (I A y) = \/ae[x/\y}g :u(a’)
\/ag[x}97b€[y]9 p(a A b) f is A—complete
Vacialy pelylo #(a) V 11(b) 4t is a hyper fuzzy prime ideal

Vaepuy (@) V Vi, 14(0)
0(1)(x) V 0 (1) (y).

Now, by Proposition 3.13, the proof is complete. [

Al

Example 3.17. Let the lattice L be as in example 3.8. Let 6 be a hyper congruence
relation on the lattice L with the following equivalence classes: [0] = {0, a};

[blg = {b}; [clo = {c}; [1]s = {1, d}. Since
[bA o = [ale = {0,a} # {a} = [blo A [clo

we conclude that 6 is not A— complete. If

_ 0 a b c d 1
=\ 09 08 08 07 07 02 )’

then p is a hyper fuzzy prime ideal and

5( )_ 0 a b c d 1
M=% 09 09 08 07 07 07 )

Also, the ideal f(p) is not hyper fuzzy prime, because

A(u)(bAc) =09 % 0.8 =0()(b) Vv O(u)(c).

Definition 3.18. Let i be a fuzzy subset of L. The least hyper fuzzy ideal of L
containing x is called a hyper fuzzy ideal of L induced by p and is denoted by
< >

By Remark 2.6 in [12], if 1 is a fuzzy subset of L, then there exits < p >.
Definition 3.19. For every u € F(L), we define
p(x) = supfa € [0,1] : w € I(pa) }
forallz € L.

With the following example, we prove that Theorem 2.15 in [12] is incorrect.
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Example 3.20. Let the hyperlattice L be as in example 3.8. If

_ 0 a b c d 1
=\ 05 08 04 05 07 06 )’

then o € F(L) and

« (0 a b ¢ d 1
=11 08 07 07 07 06 )

- 0 a b c d 1
Y=\ 09 08 07 07 07 06 )°

then v is the hyper fuzzy ideal of L, u < v and p* £ v. Therefore, p* is not the
hyper fuzzy ideal induced by p. Hence, Theorem 2.15 in [12] is incorrect.

Also, if A, = 0.7 — L, forevery n € N, then b € (), I(pr,) =1 d, but
b & p,, for every n > 10. Hence the last paragraph of the proof of Theorem 2.15
in [12] is incorrect.

If

Now we give the correct version of Theorem 2.15 in [12].

Proposition 3.21. Let 1 be a fuzzy subset of L. Then the fuzzy subset i1* of L is
the hyper fuzzy ideal of L and

Lo < p.
22w = AN{Ne FI(L)|p < Aand A\(0) = 1}.

Proof. For A € Im(u*), let A, = X\ — %, forn € N, and let z € p}. Then
p*(z) > A, which implies that y*(z) > \,. Hence there exists § € {a €
[0,1)|z € I(pta)} such that B > A,. Thus pg C uy, and so z € I(ug) C I(pn,)
for all n € N. Therefore, x € [,y L(1ta,). Conversely, if € [,cy 1(2r, ),
A € {a €[0,1] : € I(ua)}, for n € N. Therefore, A, = A — = < \/{a €
[0,1] : © € I(ia)} = p*(x). Hence p*(x) > A, so that z € p}. Then we have
iy = Nnen L(#2r,) which is an ideal of L.

Forz € L,let § € {a € [0,1] : © € po}. Then x € pg, and so z € I(up).
Thus 8 € {a € [0,1] : © € I(ua)}, which implies that pu(z) = \/{a € [0,1] : z €
tot < \V{a€l0,1]: 2 € I(ta)} = p*(x). Therefore, u < p* (see [11, 12]).

Now, let v be a hyper fuzzy ideal of L containing x4 such that #(0) = 1. Then
for every a € [0, 1], since v, # 0, we conclude that I(u,) < I(v,) = v,. Hence

w(z) = \/{a €01z € l(un)} < \/{04 €[0,1]:x € vy} =v(x)
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for every x € L. Also, for every a € [0,1], 0 € I(u,) and we infer that p*(0) =
V{a €[0,1] : 0 € (o)} = 1. Therefore, u* € {\ € FZ(L)|u < X and X\(0) =
1}. Finally, we have

p' = \{N € FZ(L)|nn < X and \(0) = 1}.
O

Proposition 3.22. Let 6 be a hyper congruence relation on L and jn € F (L).
Then (< pn>) = 0(< 0(n) >) and (") = 6((0(1))").

Proof. Since p << p >< p*, we conclude from Proposition 2.8 that

O(p) <O(< p>) <O(u).
It is clear that () (0) = 1 and by Propositions 3.13 and 3.21, we have
< 0(n) >< 0(< p>) and (0(n))* < O(u").
Again, by Proposition 2.8,
B(< () >) < B(< 1 >) and B(B(p))") < (")
Since pu < g(u), we conclude that
< p><<0(p) >and p* < (O(n))”
and by Proposition 2.8,

Finally, we have

(< p>)=0(<0(p) >) and 6(p*) = 0((0())")-
O

By the following example, we prove that the condition for an equivalence
relation on L does not imply 0((6(u))*) = 0(u*).

Example 3.23. Let the hyperlattice L and the equivalence relation 6 on L be as in
example 3.8. If

_ 0 a b c d 1
H= 05 08 04 0.7 0.5 0.6 )’

v (0 a b ¢ d 1
‘9(“)_(1 11 07 06 0.6)’

27
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and
Oabcdl)

000" = ( 11107 07 06
Hence 6(p*) # 6((6(w))*). Therefore, in general 0(u*) = 6((0(p))*) doesn’t
hold.

4 Lower approximations of a fuzzy subset

In this section we give some important properties of § with many examples.

Lemma 4.1. Let 0 be a hyper congruence relation on L and x,y € L. If nis a
hyper fuzzy filter of L and x <y, then 0(11)(x) = N ,c(u), pefy), #(a A D)-

Proof. Since z < y, we can then conclude from Lemma 3.2 that {(a A D) : a €
[2]o.b € [ylo} C {u(=) : = € [alo}. Hence 8(1)(x) < Aueiappepy 0 AD). Also,
since p is a hyper fuzzy filter of L, we conclude that x(a A b) < p(a) for every
a € [z]o and b € [y]y, which follows that 6(40)(x) > A ,c(u, pefy, #(a /A b) and the
proof is now complete. [

Definition 4.2. Let 6 be an equivalence relation on L and p € F(L). Then, p is
called a lower rough fuzzy (prime) ideal if 0(11) is a hyper fuzzy (prime) ideal of
L.

Proposition 4.3. Let 0 be a \/-complete congruence relation on L. If n € F(L)
is a hyper fuzzy ideal, then 1 is a lower rough fuzzy ideal.

Proof. Letz,y € L. Since A\, 11(t) € {Nicavs (t) = a € [2]0,b € [ylo}, we
conclude that

O(p)(x) A O(1)(y)

/\ae[m]g pla) A /\bg[y}g 11(b)

aclelo.belyle H(@) A 11(D)

< Naclaovelsls Nicave u(t) i is a hyper fuzzy ideal
= Neetoviglo #(0)
= Necpovyl, M1 0 is V-complete
- /\zEx\/y /\té[z]g :U’<t>
= /\zExVy Q(:UJ) (Z)
Let x,y € L and z < y. Hence
0(1)(@) = Nacpgp e, #aAb) by Lemma 4.1
> Noegy, M0) i is a hyper fuzzy ideal
= 0(u)(y).
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Example 4.4. Let the hyperlattice L and the hyper congruence relation ¢ on L be
as in example 3.17. Let

_Oabcdl
=11 08 06 04 04 0 )

It is clear that p 1s a hyper fuzzy ideal on L and

9()_ 0 a b c d 1
=108 08 06 04 0 0 )"

It is easy to see that # is not V - complete, because

bV clg = {1.d} # {d} = [blo V [c]s.

Also, since

() (0) AB(u)(e) =04 £ 0=\ 0(u)(d)

debve

we conclude that () is not a hyper fuzzy ideal.

Definition 4.5. Let 6 be an equivalence relation on L and p € F(L). Then, u is

called a lower rough fuzzy (prime) filter if 0(1) is a hyper fuzzy (prime) filter of
L.

Proposition 4.6. Let 0 be a N—complete congruence relation on L. If p € F(L)
is a hyper fuzzy filter, then p is a lower rough fuzzy filter.

Proof. Letx,y € L.

0(n)(w Ay) Naclzny, #(@)

/\ae[x}e,be[y]g pu(a A b) f is A—complete
/\ae[x}e,be[y}g p(a) A p(b) 1 is a hyper fuzzy filter
Naefals M@ A Npery, #(0)

O(p) () A O(1)(y).

Let x,y € L and z < y. Hence

|IAVARI

0(1) (@) = Nicpgp e, #laAb) by Lemma 4.1
< Noegy, M0) ( is a hyper fuzzy filter
= (1Y)
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Example 4.7. Let the hyperlattice L and the hyper congruence relation ¢ on L be
as in example 3.17. If

_ 0 a b c d 1
=\ 01 06 06 07 07 09 )’

then p is a hyper fuzzy filter and
o() — 0O a b ¢ d 1
2 =101 01 06 07 07 07 )

[b A clo ={0,a}t # {a} = [b]o A [clo,
we conclude that # is not A— complete. Also §(v) is not a hyper fuzzy filter,
because

Since

O(w)(bAc)=0(v)(a) =0.120.6 =0(v)(b) AO(v)(c).

Proposition 4.8. Let 0 be a \/-complete on L. If n € F (L) is a hyper fuzzy prime
ideal such that (1) is a proper fuzzy subset of L, then p is a lower rough fuzzy
prime ideal.

Proof. Letx,y € L.

O (@ AY) = Aocpony, M(2)
< /\ae[a:]g be[yl M p(a A D) by Lemma 3.2
< Aacialp ey, #(@) V u(b)  puis ahyper fuzzy prime ideal
= Naetaty @)V Npepyy, 1#(0)
= 0(u)(x) vV () (y)-
By Proposition 4.3, the proof is now complete. ]

Example 4.9. Let the lattice L and the hyper congruence relation § on L be as in

example 3.17. If
_ 0 a b c d 1
=\ 09 08 08 07 07 02 )’

then p is a hyper fuzzy prime ideal and
o() — 0O a b ¢ d 1
2 =108 08 08 07 02 02 )

[0V clg = {1.d} # {d} = [be V [clo,

we conclude that 6 is not \V - complete. Also 6(y) is not hyper fuzzy ideal, because

B(u)() A B(u)(c) = 0.7 £ 02= J\ 8(u)(d)

de(bve)

Since
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Proposition 4.10. Let 0 be a complete congruence relation on L. If i € F(L) is
a hyper fuzzy prime filter such that 0(p) is a proper fuzzy subset of L, then 1 is a
lower rough fuzzy prime filter.

Proof. Letx,y € L.

O(p)(x) V(1) (y)

/\ae[w]g pla) v /\be[y]g 11(b)
Naciagovergs M(@) V 11(b)

= /\aE[asle,be[y}e /\tea\/b p(t) (¢ s a hyper fuzzy prime filter
- /\ZEI\/y /\te[z}g (i(t) 6 is V-complete
= /\zex\/y Q(:U’)(Z)

By Proposition 4.6, the proof is now complete. ]

Example 4.11. Let the hyperlattice L and the hyper congruence relation ¢ on L
be as in example 3.17. It is clear that

- 0 a b c d 1
=101 03 07 03 07 09

is a hyper fuzzy prime filter and

0( )_ 0 a b c d 1
ZH=1 01 01 07 03 07 07 )"

Since
8(41)(0) A B(p)(c) = 0.3 £ 0.1 = () (b A o),

we conclude that §(p) is not a hyper fuzzy ideal. Also, as we have seen in Example
4.4, 0 is not V - complete.

5 Conclusion

Rough set, fuzzy set and hyperlattice are different aspects of set theory. Com-
bining the three theories, one gets the rough concept fuzzy hyperlattice of a given
context. We introduced the concepts of upper and lower rough hyper fuzzy ideals
(filters) in a hyperlattice and its basic properties have been discussed. Also, we
discussed the relations between hyper fuzzy (prime) ideal and hyper fuzzy (prime)
filter with their upper and lower approximations, respectively. In addition, by an
example we show that Theorem 2.15 in [12] is incorrect (see Example 3.20) and
a corrected version is considered, Proposition 3.21.
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